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POSITIVE LEARNING OR DEVIANT INTERVIEWING?
MECHANISMS OF EXPERIENCE ON INTERVIEWER
BEHAVIOR

YULIYA KOSYAKOVA (®)*
LUKAS OLBRICH

JOSEPH W. SAKSHAUG
SILVIA SCHWANHAUSER

Interviewer (mis)behavior has been shown to change with interviewers’
professional experience (general experience) and experience gained dur-
ing the field period (survey experience). We extend this study by using
both types of experiences to analyze interviewer effects on a core quality
indicator: interview duration. To understand whether the effect of
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interviewer experience on duration is driven by increased efficiency or
deviant behavior—both mechanisms of shorter interview durations—we
additionally examine the triggering rate of filter questions to avoid bur-
densome follow-up questions and response differentiation over the field
period. Using multilevel models and data from a large-scale survey on a
special and difficult-to-interview population of refugees in Germany, we
find that interview duration decreases with increasing survey experience,
particularly among the generally inexperienced interviewers. However,
this effect is not found for the triggering rate and response differentia-
tion. The results are robust to different sample and model specifications.
We conclude that the underlying mechanism driving interview duration
is related to increasing efficiency, and not deviant behavior.

KEYWORDS: Filter questions; Interview duration; Interviewer experi-
ence; Response differentiation; Triggering rate.

1. INTRODUCTION

Despite the increasing importance of self-administered (web or mail) surveys,
interviewers continue to play a pivotal role in administering large-scale face-
to-face surveys for scientific and policy-oriented research. Interviewers are
tasked with many responsibilities, including eliciting cooperation from house-
holds, implementing respondent selection rules, recording observations about
the sampled units and their neighborhoods, administering the questionnaire,
assisting respondents with the interview, among other duties (Groves et al.
2009; Josten and Trappmann 2016). With these responsibilities, interviewers
have a direct influence on data quality and, correspondingly, multiple compo-
nents of survey error as defined within the Total Survey Error framework
(Groves et al. 2009). One of the central aspects of data quality—and the focus
of this study—is concerned with interviewers’ ability to accurately follow sur-
vey guidelines and instructions.

A core indicator of whether interviewers accurately follow the prescribed
guidelines and instructions during the survey interview is interview duration,
and, in particular, short interview durations (Herzog and Bachman 1981;
Kirchner and Olson 2017). There are at least two mechanisms by which inter-
viewers can influence interview durations downward. First, if interviewers
have strong incentives to reduce the length of the interview, they are more
likely to deviate from the prescribed interviewing procedures to shorten the in-
terview. This misbehavior emerges particularly when interviewers are paid per
completed case rather than hourly (Matschinger, Bernert, and Angermeyer
2005; Kosyakova, Skopek, and Eckman 2015). Such deviant behavior could
increase with professional experience. Specifically, research shows that as
interviewers gain more experience they become less careful with the prescribed
procedures, leading to decreasing interview durations and potentially
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influencing data quality in a negative way (Olson and Peytchev 2007; Olson
and Bilgen 2011; Loosveldt and Beullens 2013a). The second mechanism is
that shorter interviews could be the result of positive learning behavior for the
reason that interviewers learn to become more efficient with their tasks as they
gain more familiarity with their role and acquire more interviewing experience
(Olson and Smyth 2019).

In this article, we investigate the role of interviewer experience on these two
distinct mechanisms by applying multilevel models to a probability-based sur-
vey conducted on a special (and difficult-to-interview) population of refugees
in Germany. Because of the particular burden on interviewers owing to lan-
guage challenges, long questionnaires with sensitive items, as well as special
housing situations of the respondents, these data represent an ideal setting for
studying possible interviewers’ misbehavior. Hence, we deem this survey to be
particularly suitable for our research purposes as compared to a survey with a
more general target population and a more standard interviewer staff.

We focus on two types of interviewer experience: (1) interviewers’ survey-
specific experience gained during the field period for a given survey at hand
(henceforth referred to as survey experience) and (2) interviewers’ prior experi-
ence with the survey organization (henceforth referred to as general experi-
ence). To study the impact of interviewers’ experience on interview duration,
we additionally consider two data quality indicators: the triggering rate of filter
questions and response differentiation. Although interview duration is a com-
mon indicator for assessing potentially deceptive behavior of interviewers
(Hood and Bushery 1997; Bushery, Reichert, Albright, and Rossiter 1999), the
literature is less clear-cut on whether the effect of interviewer experience on
duration is driven by deviant behavior or arises owing to increasing efficiency
of administering a survey. This is the reason why we additionally look at the
triggering rate—a potential gateway to manipulate the number of follow-up
questions asked to keep the interview short (Matschinger et al. 2005;
Loosveldt and Beullens 2013b; Kosyakova et al. 2015). Response differentia-
tion, that is, the (dis)similarity of responses to a set of adjacent same-scaled
items (Yan 2008), works as an additional indicator of inadequate interview
speeding. Looking at multiple indicators of interviewers’ (mis)behavior is an
advantage to disentangle the primary mechanism behind interviewers’ effects
and, correspondingly, potential data quality.

2. INTERVIEWERS’ EXPERIENCE AND
INTERVIEWERS’ BEHAVIOR

2.1 Interviewers’ (Mis)behavior and Associated Mechanisms

Deliberate interviewers’ misbehavior addresses intended deviations from inter-
viewing guidelines (AAPOR 2003). Deviant behavior may take several forms
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such as departing from strictly standardized interviewing, showing detrimental
behavior (such as omitting parts of the interview), completely falsifying the in-
terview, or providing unscripted feedback to respondents (Fowler and
Mangione 1990; Loosveldt 2008). The hierarchy of quality controls imple-
mented between the survey organization and its interviewers can influence the
occurrence of this deviant interviewer behavior. Particularly in face-to-face set-
tings, there is a lack of direct control on the part of the survey organization,
with the exceptions of Computer-Assisted Recorded Interviewing (CARI)
(Hicks et al. 2010; Edwards, Sun, and Hubbard 2020) and GPS monitoring
(Edwards, Maitland, and Connor 2017), which are rarely implemented. Based
on this lack of direct control, interviewers are trusted to ensure that the interac-
tion with respondents follows the rules set (van der Zouwen and Dijkstra
1988).

Therefore, the hierarchy of controls can be considered as a principal-agent
problem with the survey research organization as principal and the interviewer
as agent. Since the principal can only observe the agents’ outcome but not their
actions in detail, a so-called moral hazard problem may arise (Haller 1985;
Kosyakova et al. 2015). Interviewers’ incentives to increase their own produc-
tivity by reducing interview duration might be contrary to the survey organiza-
tion’s objective of collecting high-quality survey data (Groves et al. 2009). In
line with that, the literature on interviewer falsification supports the notion that
honest interviewers produce significantly longer interviews than falsifiers do
(Schreiner, Pennie, and Newbrough 1988). Thus, interview duration is consid-
ered as a crucial indicator for identifying deceptive interviewer behavior
(Loosveldt and Beullens 2013a, 2013b; Olson and Peytchev 2007).

2.2 Interview Duration and Interviewer Experience

Previous research indicates that standardized interviewing behaviors may be
omitted or shortened with growing survey experience, leading to decreased in-
terview length and potentially adverse data quality (Chromy, Hughes,
Giacoletti, and Odom 2002; Olson and Smyth 2019). Hypothesized mecha-
nisms to explain unstandardized interviewer behaviors include carelessness
and fatigue but also general experience (Chromy et al. 2002; Olson and
Peytchev 2007; Bilgen 2011). One possible explanation for experienced inter-
viewers following protocols less closely than inexperienced interviewers is
that they bring their own shortcutting habits learned in previous interviews
(Bilgen 2011; Olson and Bilgen 2011). Another explanation put forward is
that with growing experience interviewers work more efficiently by, for exam-
ple, not engaging in unnecessary side-talk, resolving difficulties more easily,
and implementing more efficient communicative strategies (Olson and Smyth
2019). Looking specifically at the type of interviewer experience and its effect
on interview duration, prior results have shown that interviewers perform their
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interviewing tasks faster with growing survey experience acquired during the
field period (Olson and Peytchev 2007; Loosveldt and Beullens 2013a, 2013b;
Bohme and Stohr 2014; Kirchner and Olson 2017). Hence, we formulate the
following testable hypothesis:

Hla: Interview duration decreases with growing survey (field)
experience.

At the same time, previous research suggests that generally experienced
interviewers (i.e. those who have prior experience working for the same survey
organization) conduct, on average, shorter interviews compared to generally
inexperienced interviewers (Olson and Bilgen 2011; Olson and Peytchev
2007; though see Kirchner and Olson 2017 for no differences in interview du-
ration owing to general experience in a CATI setting). They are able to draw
upon a greater level of prior knowledge instilled by the survey organization
and previously acquired interviewing behaviors (Olson and Peytchev 2007;
Bilgen 2011). Accordingly, we expect that:

H2a: Interview duration is shorter for generally experienced inter-
viewers compared to generally inexperienced interviewers.

Moreover, generally inexperienced interviewers show greater learning
effects with their growing survey experience; thus, the effect of survey experi-
ence on reduced interview duration is expected to be stronger for the generally
inexperienced interviewers than for experienced ones (Olson and Peytchev
2007). In other words, generally experienced interviewers bring their (positive
or negative) habits and change their behavior to a lesser extent with increasing
survey experience, whereas inexperienced interviewers may realize and imple-
ment shortcutting possibilities to a greater extent with increasing survey expe-
rience. This mechanism would predict that:

H3a: Interview duration decreases with growing survey experience more
strongly for generally inexperienced interviewers than for generally ex-
perienced interviewers.

At this stage, however, we are unable to distinguish whether both types of
interviewer experience are associated with increasing efficiency or rather detri-
mental rational behavior to keep the interview short. We address this issue in
the next section.

2.3 Triggering Rate of Filter Questions

Dropping or manipulating answers to filter questions to avoid follow-up ques-
tions illustrates a possible gateway to keep the interview short and to reduce ef-
fort (Hood and Bushery 1997). Following this premise, recent studies have
assessed the manipulation of filter questions as a possible interviewer behavior
to ease interviewer and respondent burden, but also to reduce interview
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duration, particularly in face-to-face settings (Chromy et al. 2002; Japec 2008;
Groves et al. 2009; Kosyakova et al. 2015; Josten and Trappmann 2016).

Following the above rationale that generally experienced interviewers bring
their own habits when beginning a new field period, we can assume that they
also bring knowledge about how to take shortcuts during the administration of
filter questions (Menold, Winker, Storfinger, and Kemper 2013; Ruckdeschel,
Sauer, and Naderi 2016). However, with growing survey experience, learning
effects may arise for generally inexperienced interviewers as well. We assume
these learning effects to be larger compared to learning effects over the field
period for generally experienced interviewers (van Tilburg 1998; Olson and
Peytchev 2007). Potential moderators of detrimental behavior of generally in-
experienced interviewers are increasing interviewer burden and fatigue, which
are likely to be more pronounced, compared to generally experienced inter-
viewers having already established interviewing routines (Japec 2008).

Bringing everything together, we may presuppose that if the underlying
mechanism behind the interviewer’s (survey and general) experience was re-
lated to interviewer deviance, the hypotheses formulated above would also
hold for the triggering rate. Accordingly, we expect that:

HIb: Triggering rate decreases with growing survey experience.

H2b: Triggering rate is lower for generally experienced interviewers
compared to generally inexperienced interviewers.

H3b: Triggering rate decreases with growing survey experience more
strongly for generally inexperienced interviewers than for generally ex-
perienced interviewers.

If we find no support for hypotheses H1b-H3b, but do find support for Hla-
H3a, then we may conclude that the mechanism driving interview duration is
rather related to increasing efficiency and not interviewer deviance.

2.4 Response Differentiation

Response differentiation refers to the level of variation between responses to a
battery of same-scaled items (Yan 2008). Low differentiation implies that the
respondent selected similar response options for all items. An extreme form of
such patterns is straightlining (Herzog and Bachman 1981), where the same re-
sponse is selected for all items. Low-response differentiation or straightlining
has been classified as a form of strong satisficing behavior (Krosnick 1991)
used by respondents to avoid the cognitive effort of carefully responding to
each item (Yan 2008). Low-response differentiation is also a well-known pre-
dictor of deviant interviewer behavior (Menold et al. 2013; Menold and
Kemper 2014). For instance, deviant interviewers may ask only the first item
in a battery and falsify the remaining responses by using responses similar to
the first response. With regard to the related interview duration, interviewers
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who administer fast-paced interviews can challenge respondents to adequately
respond to items and, hence, drive satisficing behavior and lower response dif-
ferentiation (Yan 2008; Vandenplas, Loosveldt, Beullens, and Denies 2018).
The notion of a fast interview pace was studied experimentally by Cannell,
Miller, and Oksenberg (1981), who observed interviewers who: “ask questions
at a rapid rate” and “permit no pause between response and the next question”
(Cannell et al. 1981).

In this context, we posit that if shorter interview durations for generally ex-
perienced interviewers are driven by more efficient interviewing practices
(Olson and Smyth 2019), then we would expect no differences in response dif-
ferentiation between generally experienced and inexperienced interviewers.
However, if the cause of shorter interview durations is driven by habits of
deviant-speeding behaviors learned from previous work experiences (Kirchner
and Olson 2017), then we would expect lower response differentiation for gen-
erally experienced interviewers. Similar arguments can be developed for survey
experience. Shorter interview durations caused by increasing efficiency should
result in no changes in response differentiation over the field period. In contrast,
if shorter interview durations are a result of hurried interviews—a potential
habit which is likely reinforced over the field period—response differentiation
will decrease as survey experience increases. It should be noted that generally
experienced interviewers may have already developed such routines in their
previous work as interviewers, which is the reason why the effects of survey ex-
perience are expected to be stronger for generally inexperienced interviewers.

Thus, if the effects of general and survey experience on interview duration
are driven by interviewers’ misbehavior, the hypotheses derived for interview
duration will also hold for response differentiation:

Hlc: Response differentiation decreases with growing survey
experience.

H2c: Response differentiation is lower for generally experienced inter-
viewers compared to generally inexperienced interviewers.

H3c: Response differentiation decreases with growing survey experience
more strongly for generally inexperienced interviewers than for gener-
ally experienced interviewers.

Similar to hypotheses H1b-H3b, if we find no support for hypotheses H1c-
H3c, but do for hypotheses Hla-H3a, then we may conclude that the mecha-
nism at work is rather related to the increasing efficiency of experienced inter-
viewers and not interviewer deviance.
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3. DATA AND METHOD
3.1 Data and Sample

This article uses factually anonymous data from the first wave of the German
panel study “IAB-BAMF-SOEP Survey of Refugees in Germany” launched in
2016 (data version: V34) (Briicker, Rother, and Schupp 2017). The IAB-
BAMEF-SOEP Survey of Refugees in Germany is a longitudinal household sur-
vey conducted annually in Germany. The target population of refugees is based
on the German Central Register of Foreigners (Auslanderzentralregister;
AZR) and includes adult anchor persons and their adult household members
who arrived in Germany between January 2013 and January 2016 and were
recorded by the AZR no later than June 30, 2016 (Kroh, Kiihne, Jacobsen,
Siegert, and Siegers 2017; Jacobsen 2018). The first wave was launched in
2016 which yielded 3,289 responding households and 4,465 total adult
respondents. In total, ninety-five interviewers completed between 1 and 282
interviews (mean, forty-seven) by means of computer-assisted personal inter-
viewing (CAPI). The household-level response rate was 48.8 percent after the
calculation of AAPOR Response Rate 2 (AAPOR 2016; Kroh et al. 2017).

Compared to general population surveys, a refugee survey is appropriate for
studying interviewer effects, given that interviewers face potentially greater
challenges in overcoming language barriers and carrying out standardized
interviewing procedures with this vulnerable population (Bloch 1999, 2007).
Owing to these burdens, the IAB-BAMF-SOEP Survey of Refugees in
Germany might be particularly prone to deviant interviewer behavior.
Together with language challenges, a long questionnaire with sensitive items
on the refugee’s way to Germany and their reason(s) for leaving their home
country, as well as special housing situations of the respondents such as recep-
tion centers represents a setting, which provides multiple reasons for inter-
viewers to deviate from the prescribed procedures. Thus, our analysis provides
an extreme test of the set of hypotheses, as incentives for deviation are consid-
erably larger than in general population surveys.

Around 50 percent of the adult respondents were born in Syria, followed by
Iraq (13 percent), Afghanistan (12 percent), Eritrea and Somalia (6 percent),
West Balkans (Albania, Serbia, Kosovo; 4 percent), Iran and Pakistan (4 per-
cent), and around 12 percent from other countries. To facilitate interviewing
respondents without German language proficiency, the questionnaires were
provided in seven languages (Arabic, English, Farsi/Dari, German, Kurmanji,
Pashtu, and Urdu). Audio files and access to an interpreter hotline supported
respondents with reading difficulties. The person-level questionnaire’s princi-
pal topics included migration and escape history, pre- and post-migration biog-
raphies on education, language acquisition, and employment, as well as
satisfaction in different life domains, health, attitudes, and cognitive and
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noncognitive skills. Overall, the person questionnaire contained around 450
possible questions (Briicker et al. 2017).

For our empirical analysis, we consider only person interviews conducted
with adult (>17 years) household members. We trimmed the interview duration
at the 99th percentile, as some interview durations were implausibly high and
likely do not represent the true interview duration. Replication of our benchmark
models with inclusion of excluded interviews provided similar results (table S4
of the online Supplementary Material). Correspondingly, exclusion of the im-
plausible values as well as missing information for the dependent variables
(n=098; 2.1 percent) resulted in a final analysis sample of 4,367 interviews.

3.2 Analysis Variables

3.2.1 Dependent variables. The first dependent variable is interview duration
in minutes, which was automatically captured in the CAPI instrument. The in-
terview duration ranges from 7 up to 248 minutes and its distribution is slightly
right-skewed: the mean interview duration is 89.6 minutes and the median is
eighty-three minutes. The standard deviation is 37.7.

To calculate the triggering rate, the second dependent variable, we consid-
ered questionnaire sections containing at least ten filter questions. The corre-
sponding sections include (1) escape route to Germany, (2) participation in
integration courses, (3) current employment situation, (4) education and
degrees obtained, and (5) family composition. Table S1 of the online
Supplementary Material summarizes the distribution of presented filter ques-
tions, follow-up questions, and the total number of these questions per section.
The triggering rate (7;) is defined as the average share (in percent) of the total
number of asked follow-up questions (fjskeq) relative to the maximum possible
number of follow-up questions (fi,.x) across all sections (S) within a person-
interview (i):

1 5 i,s,aske
T = 100+ Sissaies

(D

—1 ﬁ‘s,max

The corresponding variable ranges from 11.4 to 42.5 percent with mean of
22.7 percent (median, 22.1 percent) and standard deviation of 4.0.

To measure the third dependent variable, response differentiation (Kemper
and Menold 2014), we first calculated the standard deviation of responses to
eight sets of same-scaled questions containing at least five items (table S2 of
the online Supplementary Material lists these item batteries). Second, we stan-
dardized each of the standard deviations to a Z-score since the response scales
differ across the batteries. Third, we calculated the average standardized stan-
dard deviation for each interview. More technically, response differentiation
(D;) is calculated using the following formula:
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K _
D= ;;SD”"@ oDk @)
where K denotes the total number of answered item batteries, SD; 4 is the stan-
dard deviation of responses in item battery k in interview i, SD; is the average
standard deviation of responses to item battery k across all interviews, and oy
is the standard deviation of SD; across all interviews. The response differenti-
ation ranges from —2.3 to 2.1 with mean 0.0 and standard deviation 0.5. A
lower value for this variable implies less differentiation.

3.2.2 Independent variables. In this study, interviewer survey experience and
general experience are focal predictors. Survey experience represents the sequen-
tial number of cumulative completed interviews derived from time-stamp data. It
equals one for an interviewer’s first interview and increments by one for each
subsequent interview (Olson and Peytchev 2007; Kosyakova et al. 2015).
Values for survey experience range from 1 to a maximum of 282 interviews
across all interviewers. The variable was log-transformed in the multivariate
analyses to account for nonlinear learning effects (Kirchner and Olson 2017).
The second measure of interviewers’ experience refers to their prior interviewing
experience with the survey organization, that is, the German Socio-Economic
Panel (GSOEP). Generally inexperienced interviewers are coded as one in the
case of no prior experience with the GSOEP and zero otherwise (i.e. generally
experienced interviewers). Roughly 71 percent of interviewers never worked for
the GSOEP. This may be explained by the specifics of the target population and
requirements of language knowledge relevant for the IAB-BAMF-SOEP Survey
of Refugees in Germany (Kiihne, Jacobsen, and Kroh 2019).

3.2.3 Control variables. 'We control for interviewer’s gender (female, male),
age (continuous variable, centered around the grand mean), and educational
level (secondary education, intermediate education, upper secondary education,
graduate degree) as explanatory variables at the interviewer level (Hox 1994;
van Tilburg 1998; Loosveldt and Beullens 2013a). Thirty-six percent of the
interviewers are female, the average age is approximately forty-nine years, and
more than half of the interviewers have a graduate degree (Appendix table A1).

Regarding the respondents, we control for gender (female, male), age (con-
tinuous variable, quadratic specification, centered around the grand mean), ed-
ucation level (no degree/in school, secondary education, upper secondary
education, college/university), and accommodation (reception center, private),
since those are usually believed to affect data quality (Hox 1994; Flores-
Macias and Lawson 2008). For similar reasons, we include the country of ori-
gin fixed effect and control for interview language (German/English, German/
Arabic, German/Farsi, German/Pashto, German/Urdu, and German/Kurmanji).
Prior research suggests that the language version of a questionnaire may
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explain differences in interview duration between respondents from different
linguistic regions (Loosveldt and Beullens 2013a; Jacobsen 2018).

Of course, the model should be very parsimonious in terms of including a
variety of respondent-level variables. The measurement of a multitude of re-
spondent characteristics like employment status and history, and information
about family composition, is dependent on the actual interviewer—respondent
performance that is under study. Thus, the availability and the quality of these
variables (e.g. items related to language course participation) are conditional
on the quality of the responses to the preceding filter questions. Since most of
the socio-demographic and socio-economic variables are captured by exactly
those filter questions, it is not advisable to rely on these data in the analysis;
therefore, they are excluded here.

To account for potential regional differences, we include region fixed effects
(38 Regierungsbezirke) (van Tilburg 1998) and control for the municipality
size (0-1, 999, 2,000-4,999, 5,000-19,999, 20,000-49,999, 50,000-99,999,
100,000-499,999, and 500,000+). It should be note that regional differences
of respondents in comparison to interviewer effects are assumed to be small
owing to the national dispersal policies in Germany related to the asylum-
seekers exogenous regional assignment (German Federal Office for Migration
and Refugees (BAMF) 2018; Grote 2018).

Respondents’ willingness to co-operate may also affect interviewers’ incen-
tives to linger over difficult cases until later in the field period (Kirchner and
Olson 2017). To approximate the difficulty of households, we control for the
number of household contacts by the interviewer and the number of inter-
viewers who contacted each household. Appendix table Al provides descrip-
tive statistics for all variables used in the analysis.

3.3 Modeling Approach

To address the research hypotheses, a multilevel modeling framework is used.
As with all observational and nonexperimental studies, it is challenging to en-
tirely separate out the possible confounding effects of unobserved heterogene-
ity. However, a multilevel approach accounts for unobserved heterogeneity in
the model and, thus, it is able to alleviate these concerns to some extent. The
model explicitly accounts for the fact that standard errors and variances of esti-
mates are underestimated when model residuals are not independent.

Since all dependent variables are treated as metric, we employed linear
mixed-effects models. The model is formulated using matrix notation for
simplicity:

Vei = o+ XeBy + XiBy +ui + & 3)

The subscript notation follows the nesting logic of the data: respondents (r) are
nested within interviewers (i). The estimation procedure yields coefficients for
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the independent variables and a constant term (o) reflecting the grand mean
(fixed parameters). Vector B, contains coefficients of respondent-level varia-
bles (X;), which includes interviewer survey experience. Vector B, denotes
coefficients of interviewer-level variables (X;), such as general experience. The
random-intercept model includes random effects for interviewers (u;). The var-
iance components for each of the slope parameters are fixed at zero and do not
vary across levels by assumption. The random effects are assumed to be inde-
pendent random variables following a normal distribution on each level with
zero mean and a variance to be estimated from the sample. Finally, a residual
error term at the level of measurement is denoted by & ;.

The model is estimated in a stepwise fashion. First, only control variables
and the sequence order of interviews within interviewers are included
(Model 1), analyzing if and to what extent interview duration decreases with
interviewers’ survey experience (Hla). Second, the indicator for general inter-
viewer experience is introduced in the model (Model 2) to assess whether gen-
eral experience affects interview duration (H2a). The final model (Model 3)
includes an interaction term between interviewers’ survey experience and gen-
eral experience and is used to test whether increasing survey (field) experience
affects interview duration more negatively among generally inexperienced
interviewers (H3a). These steps are then repeated for the triggering rate and re-
sponse differentiation.

(a) (b) (c)
0-24 2 0-2- " (1 R
3.5 ™ 3-5- ' 3-5- .
. . ——
6-10 et 6-10- 6-10-
- - -
11-20 4 o 11-20 11-20 =
21-80 ® g 21-80 T 21-80+ Pl
g1-1404 Y 81-140- ] 81-140-| =
141-2004 * 141-200 * 141-200- "
200+4 * 200+ —* 200 +-| "
_ T T T LTt L L D L L
60 80 100 120 21 22 23 24 25 2-10 1 2
Interview duration Triggering rate Response differentiation

® No general experience O With general experience

Figure 1. Means of Interview Duration, Triggering Rate, and Response
Differentiation, by Interviewers’ Survey Experience and General Experience.
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4. RESULTS
4.1 Descriptive Analyses

Do experienced and inexperienced interviewers differ with regard to their inter-
view duration over the course of the survey field period? Figure la—c shows
the mean interview duration, triggering rate, and response differentiation by
interviewers’ survey experience and general experience. Overall, generally ex-
perienced interviewers have a ten-minute-longer mean interview duration than
generally inexperienced ones (96.7 versus 86.7 minutes). Furthermore, as the
number of interviews per interviewer increases, mean interview duration
decreases for both experienced and inexperienced interviewers; however, this
change is more pronounced for inexperienced interviewers. It should be noted
that the last two categories provide little information as only three inexperi-
enced interviewers conducted more than 140 interviewers.

Generally inexperienced interviewers tend to have a slightly lower rate of
triggered filter questions than generally experienced interviewers (22.5 versus
23.1 percent). In addition, no systematic change in the triggering rates emerges
throughout the field period for both groups of interviewers. Contrary to the
results for interview duration, we do not find differences in response differenti-
ation between generally experienced and inexperienced interviewers (—0.009
versus —0.005 units). Notably, response differentiation seems to increase with
survey experience for generally experienced interviewers, whereas no such
pattern emerges for generally inexperienced interviewers.

These descriptive findings suggest that the decreasing interview durations
observed in the survey are mainly driven by interviewers who increase their
interviewing efficiency, rather than interviewers who exhibit deviant behavior
during the interview. However, this analysis does not consider interviewer-
specific effects or other potential confounders of the relationship between the
dependent variables and both types of experience. Therefore, in the next sec-
tion, we implement the multilevel models and control for relevant interviewer-
and respondent-level variables to formally test our hypotheses.

4.2 Multilevel Results—Interview Duration

Models 1.1-1.3 in table 1 display the results of the multilevel regression mod-
els of interview duration on survey and general experience. All models include
the control variables described in Section 2.2.

Model 1.1 indicates that interviewer survey experience has a statistically
significant impact on interview duration. For example, after holding constant
all of the other predictors in the model, the fiftieth interview is ~25.2 minutes
( = ln(SO)*(f6.4)) shorter than the first interview. As shown in Model 1.2,
general interviewer experience has no statistically significant effect on inter-
view duration. Hence, the sizeable gap between generally experienced and
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Figure 2. Predicted Conditional Interview Duration by Interviewers’ Survey and
General Experience (Based on Model 1.3 in table 1).

inexperienced interviewers observed in the descriptive analysis does not occur
in the multilevel analysis after accounting for potential confounders.

Inclusion of the interaction effects between survey and general experience
of interviewers in Model 1.3 improves model fit significantly (3 of likelihood-
ratio test: 12.5), indicating that the effect of survey experience varies by gen-
eral experience of interviewers. There is no statistically significant difference
between generally experienced and inexperienced interviewers in their first
interviews. However, the significant negative interaction effect suggests that
the interview duration decreases with every additional interview and it does so
more steeply for the generally inexperienced interviewers. That is, all other
predictors held constant, the fiftieth interview of the generally experienced
interviewers is 14.3 minutes (= In(50)x(—3.7)) shorter than their first inter-
view, whereas it is 29.5 minutes ( = In(50)x(—3.7 + (—3.9))) shorter for the
generally inexperienced interviewers. This interaction effect is shown in
figure 2.

It should be noted that the intra-interviewer correlation coefficient (Hox
1994), which denotes the proportion of variance in interview duration
explained by the interviewers, varies between 36.3 and 36.5 percent. As we in-
cluded fixed effects for region and accounted for municipality size and respon-
dent characteristics, these values are unlikely to be driven by other factors.
Hence, interviewers seem to have a substantial influence on interview duration.
This result is in line with previous studies that found similarly large ICCs for
interview duration (Loosveldt and Beullens 2013a; Kirchner and Olson 2017,
West, Conrad, Kreuter, and Mittereder 2018).
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4.3 Multilevel Results—Triggering Rate

Models 2.1-2.3 summarized in table 1 provide the estimation results for the
triggering rate. Model 2.1 includes the natural logarithm of interviewers’ sur-
vey experience and the control variables. We do not find a statistically signifi-
cant effect of survey experience on the triggering rate, nor do we find a
statistically significant effect of general experience on the triggering rate
(Model 2.2). Inclusion of the interaction effect between both types of experi-
ence in Model 2.3 does not improve model fit (Xzof likelihood-ratio test: 1.0)
and the corresponding coefficient is not statistically significant. Hence, neither
survey experience nor general experience affects the triggering rate.

The ICCs vary around 7.9 percent, which is smaller than in other studies (van
Tilburg 1998; Marsden 2003; Briiderl, Huyer-May, and Schmiedeberg 2013;
Josten and Trappmann 2016), suggesting that interviewers generally do have an
effect on the triggering rate. These interviewer effects are considerably smaller
than the effects of interviewers on interview duration. This pattern is consistent
with the study of Vandenplas et al. (2018), who argued that such differences
could be the result of the more direct effect of interviewers on the interviewing
process (e.g. speed of reading questions and engaging in side-talk) and less di-
rect effect of interviewers on the quality of survey responses, which can also be
influenced by respondent factors (e.g. motivation and cognitive burden).

4.4 Multilevel Results—Response Differentiation

The estimation results for response differentiation are presented in Models 3.1-3.3
(table 1). The effect of survey experience in Model 3.1 is positive and statistically
significant, though the effect is negligible in size: holding everything else constant,
response differentiation increases on average by 0.1 units after hundred interviews,
which accounts for approximately one-fifth of a standard deviation. Model 3.2
indicates that general interviewer experience is not associated with response differ-
entiation, whereas the survey experience effect remains robust. The interaction ef-
fect between survey and general experience in Model 3.3 is not statistically
significant and indicates that the previously observed effect of survey experience
does not differ between generally experienced and inexperienced interviewers.

As with the triggering rate, the estimated ICCs are smaller than the ICCs es-
timated for interview duration. Interviewers account for about 11 percent of
the variance in response differentiation, which is similar in size to other studies
(Loosveldt and Beullens 2017).

4.5 Robustness Checks

To test the robustness of our results to different model specifications, we per-
formed a series of robustness checks on our benchmark models (table 1). In
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the following paragraphs, we briefly discuss our findings; the results are pre-
sented in online Supplementary Material.

First, independent of their (general and survey) experience, interviewers of-
ten process easier cases (With co-operative respondents) at the beginning of the
field period and linger over rather difficult cases for the remainder of the field
period (Kirchner and Olson 2017). This mechanism would explain our findings
on no differences between generally experienced and inexperienced inter-
viewers at the beginning of the field period (figure 1). We have argued that
speeding up the interviews over time could be attributed to survey experience.
Another explanation could be, however, that interviewers change their inter-
viewing tactics and tend to collect only key survey information from reluctant
respondents. Shifting more difficult cases to a later time point in the field pe-
riod presupposes interviewers’ knowledge on case difficulty. At the inter-
viewer’s first household contact, such knowledge is naturally lacking.
Correspondingly, if interviewers tend to postpone difficult cases, we would ex-
pect (1) no survey experience effect for the respondents interviewed at the first
contact and (2) a survey experience effect for the respondents interviewed at
later contacts because the interviewers may know whether it is a difficult case
or not. To examine this mechanism, we replicated our analyses including an in-
teraction effect between the (general and survey) experience of interviewers
and an indicator for interviews conducted at the first household contact (equal
to 1; and O otherwise). The interaction term turned out to be insignificant (in
size and statistically) in either specification (table S5 of the online
Supplementary Material).

Second, linguistic proximity between interviewers’ and respondents might
contribute to more efficient interviewing processes and, hence, shorter inter-
views. At the same time, general interviewer experience likely correlates with
interviewers’ migration background: to accommodate the target population,
the survey organization recruited new interviewers with migration back-
grounds similar to the pool of respondents (KANTAR 2020). Unfortunately,
the information on the interviewers’ country of origin and language skills is
not available for the first wave of the survey. Following our request, the survey
organization provided information on the mother tongue and country of birth
for interviewers who were still part of their interviewer staff. This was, how-
ever, the case for only forty-six out of ninety-five interviewers. However, to
check whether the interviewer’s language skills may confound the relationship
between interviewer experience and the dependent outcomes, we replicated the
analyses on the sample restricted to forty-six interviewers and controlled for
linguistic proximity between interviewer—respondent pairs. Linguistic proxim-
ity was developed by ethnolinguists and ethnobiologists and measures the sim-
ilarities between a fixed number of words in a pair of languages (Melitz and
Toubal 2014). The corresponding sample restriction and model specification
did not show any substantial differences from the original findings that are
summarized in table 1 (table S6 of the online Supplementary Material).

G20z Jequiaydeg | | uo Jasn Biequieg dn Aq 891.9%19/6+2/2/01 /091 e/wWesS|/wod dno olwapese//:sdiy woly papeojumod



266 Kosyakova et al.

Third, the survey experience of the interviewer could affect both interview
duration and response differentiation (or the triggering rate), whereas response
differentiation (or the triggering rate) itself may simultaneously affect the inter-
view duration. In such a case, response differentiation or the triggering rate could
be important omitted confounders between interviewer experience and interview
duration. To address this, we replicated the benchmark model for interview dura-
tion (table 1, Models 1.1-1.3) including the triggering rate and response differen-
tiation as additional controls. The results remained fairly robust (table S7 of the
online Supplementary Material). Although both indicators are correlated with
the interview duration, the survey experience effect does not change.

Fourth, the TAB-BAMF-SOEP survey is a household survey and thus some
respondents are nested within households. However, more than two-thirds of
the households are one-person-households (69.3 percent). Moreover, house-
holds are not perfectly clustered within interviewers as members of eight house-
holds were interviewed by more than one interviewer. Accordingly, this
limitation undermines the possibility to incorporate household as an additional
level into the multilevel model. However, to alleviate potential concerns related
to the household effect, we replicate the main analyses with the household level
as an additional level while excluding eighteen respondents who were nested
within households in which two interviewers conducted interviews (table S8 of
the online Supplementary Material). Our results change only marginally.

Fifth, previous research has pointed to changes in the sociodemographic
composition of the sample over the course of the field period (Kirchner and
Olson 2017). These changes could challenge our substantive conclusion re-
garding the survey experience effects on the triggering rate if changes in the
sociodemographic composition of the sample are collinear with the substantive
content of the filter questions. Consider, for example, if larger households are
generally more likely to be interviewed earlier in the field period, and thus are
more likely to trigger the filter questions on family composition. These could
countervail the negative effect of survey experience on the triggering rate and
drive the observed non-significant effect (table 1, Models 2.1-2.3). However,
if changes in sociodemographic composition resulted in an increasing trigger-
ing rate, we would also expect longer interview durations later in the field pe-
riod, which was not the case. Nonetheless, we address these concerns with
further robustness checks. To examine whether the composition of respondents
within the interviewer’s pool changes over the field period (Kirchner and
Olson 2017), we split each interviewer’s workload in half to obtain two sam-
ples of early and late respondents and compared sociodemographic characteris-
tics (table S9 of the online Supplementary Material). This analytical exercise
revealed some notable differences between early and late interviews, for exam-
ple, respondents’ age, education, language version of the questionnaire, munic-
ipality size, and accommodation. Thus, we replicated our analyses (a) without
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any respondent or interviewer control variables and (b) without only respon-
dent control variables to see whether the effects of interest are strongly medi-
ated by the set of the included respondent controls. If the respondent variables
countervailed a negative survey experience effect, we would find a positive
learning effect in the models without respondent variables. However, our sub-
stantive conclusions were not affected (table S10 of the online Supplementary
Material). In addition, we use the split samples described above to further inves-
tigate potential countervailing effects of the sample composition. Although those
effects might be prevalent in the full sample, changes in composition within the
first or second half of each interviewer’s workload that increase the triggering
rate are less likely. Thus, we estimate the main model for the split samples sepa-
rately (table S11 of the online Supplementary Material). The estimated coeffi-
cients are close to the results of the main specification (table 1, Model 2.3) and
not statistically significant. Hence, countervailing effects of the sociodemo-
graphic composition are unlikely to drive our results for the triggering rate.

4.6 Multilevel Results—Summary

To assist the interpretation of the findings in light of the hypotheses, table 2
provides an overview of the hypotheses, expected findings dependent on the
mechanism behind interviewers’ survey experience effect, and actual results
from the multilevel analyses.

In line with hypothesis Hla, we find a negative effect of interviewer survey
experience on interview duration (Section 3.2 and table 2). This pattern implies
a learning effect over the interviewers’ field period. Second, we do not find em-
pirical support for hypothesis H2a that generally experienced interviewers’
prior knowledge of how to keep an interview short may shape their subsequent
interviewing. Third, the negative effect of survey experience is stronger among
generally inexperienced interviewers than experienced ones; thus, hypothesis
H3a is empirically supported.

To grasp whether these results are driven by increasing efficiency or deviant
behavior, we examined the effects of general and survey experience on further
data quality indicators (triggering rate in Section 3.3 and response differentia-
tion in Section 3.4). If these indicators were not affected by general or survey
experience, we may conclude that the mechanism at work is increasing effi-
ciency and not deviant behavior. Following our results, we find no empirical
evidence for hypotheses HIb-H3b and Hlc-H3c. Neither survey experience
nor the interviewers’ general experience has a negative effect on the triggering
rate or response differentiation. Altogether, our findings (table 2, column four)
indicate that the mechanism causing the decrease in interview duration ob-
served earlier is rather owing to increasing efficiency (table 2, column two)
than deviant behavior (table 2, column three).
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5. DISCUSSION

Relying on survey data and multilevel models, we analyzed interviewer effects
on interview duration and focused on (1) interviewer survey experience, that is,
experience gained during the field period for a given survey at hand and (2) inter-
viewer general experience, that is, interviewers’ prior experience with the survey
organization. Both types of interviewer experience have been found to correlate
with shorter interview duration (Olson and Peytchev 2007; Olson and Bilgen
2011; Loosveldt and Beullens 2013a, 2013b; Bohme and Stohr 2014; Kirchner
and Olson 2017). The previous literature is, however, less clear on mechanisms
behind this correlation: changes in interview duration over interviewers’ experi-
ence may be influenced by interviewers’ growing positive efficiency or their det-
rimental rational behavior to keep an interview short. Assuming that misbehavior
would prompt growing effort to cut down on asking follow-up questions and in-
adequately speed through interviews, we additionally looked at the development
of the triggering rate to filter questions and response differentiation by inter-
viewers’ survey and general experience. Correspondingly, our study enriches the
existing literature on interviewer effects and interviewer experience (Olson and
Peytchev 2007; Olson and Bilgen 2011; Loosveldt and Beullens 2013a; Bohme
and Stohr 2014; Kirchner and Olson 2017), by disentangling the mechanisms
driving accelerated interviewing observed over the field period.

Our results showed a negative effect of survey experience on interview du-
ration. Although we do not find a difference between generally experienced
and inexperienced interviewers at the beginning of the field period, both types
of interviewers do speed up their interviews as they gain more survey experi-
ence. Moreover, there seems to be a stronger negative effect of survey experi-
ence for inexperienced interviewers than for their generally experienced
counterparts. These patterns follow our theoretical predictions that generally
experienced interviewers would be less inclined to change their behavior over
the fieldwork period because of their greater prior knowledge.

Either mechanism: — increased interviewer efficiency or introduction of detri-
mental interviewing behavior — could be responsible for these results. To investi-
gate the underlying mechanism, we replicated the analytical exercise on
interview duration for the triggering rate and response differentiation. The results
imply that neither general nor survey experience negatively affects the triggering
rate and response differentiation. What can we infer from these patterns for the
mechanism behind the effect of interviewers’ experience on interview duration?
In our view, these corresponding patterns reflect rather a learning effect owing to
improving interviewing efficiency and not owing to learning about and imple-
menting shortcutting possibilities or inadequately speeding through the interview.

By employing multilevel models, we accounted for unobserved heterogeneity
between interviewers and respondents under typical assumptions implicit to the
multilevel modeling framework. A major strength of this approach is that it
sheds light on the role of interviewer experience and its potential effect on data
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quality in a real-world survey context and, hence, on the relevance of the prob-
lem overall. However, this study analyzed interviewer effects in a German sur-
vey context for a specific population interviewed. Although the IAB-BAMF-
SOEP Survey of Refugees is appropriate for studying interviewer effects, given
its vulnerable and difficult-to-interview study population, using different study
populations would be advantageous for assessing the generalizability of these
findings and further advancing the study of interviewer behavior on data quality.

6. CONCLUSION

From a survey practice perspective, the results suggest that using solely inter-
view duration as a proxy for potential deviant interviewer behavior risks being a
short-sighted view. Only in combination with the triggering rate (a potential in-
strument for shortcutting interviews) and response differentiation (indicative of
inadequate speeding), we were able to come closer to the mechanism behind the
effect of interviewer experience. Although previous literature suggests that
shorter interview durations are indicative of deviant behavior (Bushery et al.
1999; Murphy et al. 2016), we found that decreasing durations over the field pe-
riod are not associated with lower data quality. Future research might broaden
this view by using more differentiated measures of interviewers’ experience and
recording interviews and coding interviewer behavior to gain further insights.

Supplementary Materials

Supplementary materials are available online at academic.oup.com/jssam.

Appendix

Table A.l. Descriptive Statistics for Dependent, Independent, and Control
Variables

Mean (SD)/ Min Max  Sample

Proportion size
Dependent variables
Interview duration 89.557 7 248 4,367
(37.680)
Triggering rate 22.662 11.931 42516 4,367
(4.029)
Response differentiation —0.006 —2.254 2116 4,367
(0.459)

Continued
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Table A.1. Continued

271

Mean (SD)/ Min Max  Sample
Proportion size
Independent variables
Survey experience 49.691 1 282 4,367
(52.507)
General Experience: No 0.747 0 1 95
Control variables at the respondent level
Respondent gender (1 = female) 0.379 0 1 4,367
Respondent age 33.574 4,365
(10.386)
Respondent education:
No degree/in school 0.420 0 1 4,027
Secondary education 0.208 0 1 4,027
Upper secondary education 0.186 0 1 4,027
College/university 0.185 0 1 4,027
Interview language:
German/English 0.163 0 1 4,367
German/Arabic 0.651 0 1 4,367
German/Farsi 0.125 0 1 4,367
German/Pashtu 0.010 0 1 4,367
German/Urdu 0.017 0 1 4,367
German/Kurmanji 0.034 0 1 4,367
Accommodation
Reception center 0.325 0 1 4,367
Private 0.671 0 1 4,367
No Information 0.044 0 1 4,367
Municipality size
—1,999 0.020 0 1 4,367
2,000-4,999 0.068 0 1 4,367
5,000-19,999 0.245 0 1 4,367
20,000-49,999 0.220 0 1 4,367
50,000-99,999 0.139 0 1 4,367
100,000-499,999 0.161 0 1 4,367
500,000+ 0.148 0 1 4,367
Number of HH contacts
1 0.151 0 1 4,367
2 0.274 0 1 4,367
3 0.259 0 1 4,367
4 0.154 0 1 4,367
5 0.078 0 1 4,367
6 0.037 0 1 4,367
7 0.024 0 1 4,367
8 0.007 0 1 4,367

Continued
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Table A.1. Continued

Mean (SD)/ Min Max  Sample

Proportion size
9 0.016 0 1 4,367
Number of different interviewers
1 0.939 0 1 4,367
2 0.061 0 1 4,367
3 0.005 0 1 4,367
Control variables at the interviewer level
Interviewer gender (1 = female) 0.360 0 1 89
Interviewer age 48.853 89
(15.730)
Interviewer education:
Secondary education 0.086 0 1 81
Intermediate education 0.148 0 1 81
Upper secondary education 0.235 0 1 81
Graduate degree 0.531 0 1 81

Note.—Variation in the sample size (column 3) is owing to differences in missing data
across variables. In the multivariate model, missing values are controlled for by includ-
ing a dummy variable for a corresponding variable. SD, Standard deviation.
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