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epistemic, functional, and social values that potentially
shape willingness to interact with chatbots. Findings point
to six values and suggest that disruptive situations stimulate
how the values influence WTI with chatbots. Following the-
oretical insights that values collectively contribute to behav-
jour, we set up a scenario-based study and employed a
fuzzy set qualitative comparative analysis. We show that
customers who experience all values are willing to interact
with chatbots, and those who experience none are not,
irrespective of disruptive situations. We show that disrup-

tive situations stimulate the willingness to interact with
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chatbots among customers with configurations of values
that would otherwise not have been sufficient. We comple-
ment the picture of relevant values for technology interac-
tion by highlighting the epistemic value of curiosity as an
important driver of willingness to interact with chatbots. In
doing so, we offer a configurational perspective that
explains how disruptive situations stimulate technology

interaction.

KEYWORDS

chatbot, conversational agent, disruptive situation, fuzzy set
qualitative comparative analysis (fsQCA), generative artificial
intelligence (Al)

1 | INTRODUCTION

Many organisations offer customers information systems (IS) that simulate natural language interaction with a human
advisor and serve as virtual assistants, that is, chatbots (Luo et al., 2019). Based on a predefined set of rules or gener-
ative artificial intelligence (Davymuka, 2023), chatbots provide customers with access to personalised services with a
click of a button and benefit organisations by reducing customer interaction costs (Reddy, 2022). For example,
chatbots allow customers to access financial services remotely (Dilmegani, 2023) and offer savings of up to US$ 7.3
billion by 2023 in the banking industry alone (Smith, 2019). Despite this, from a customer perspective, most cus-
tomers preferred human-to-human interactions and resisted interacting with chatbots (Press, 2019). This preference
changed with the COVID-19 outbreak, which disrupted the daily lives of many customers and sparked their willing-
ness to interact (WTI) with chatbots (Magana, 2020). To fully leverage the potential of chatbots, organisations must
understand the drivers, such as disruptive situations, that stimulate customers' WTI with chatbots.

Customers' WTI with chatbots, that is, their readiness to contact and respond to potential communication part-
ners (Samochowiec & Florack, 2010) such as chatbots, is typically explained by customers' perceptions of the values
offered by chatbots (see Table A1 in Appendix A). For example, customers have a WTI with chatbots when they
experience emotional values, such as perceiving them as empathetic (Cheng et al., 2022), functional values, such as
perceiving them as competent (Nguyen et al., 2022), and social values, such as perceiving them as socially attractive
(Lee et al., 2022). However, disruptive situations, that is, discontinuities from the environment that require customers
to adjust and have the potential to change their behaviour (Morgeson et al., 2015), may stimulate the relationship
between values and WTI with chatbots, such that customers may have a WTI with chatbots despite not perceiving
all values. The COVID-19 outbreak was such a disruptive situation for many customers in a way that they had to find
new ways to interact with organisations, as human-to-human interaction was more difficult or not available due to
infection risks (Magana, 2020).

We draw on the theory of consumption values (TCV) to link disruptive situations to values and WTI with
chatbots, as it suggests that customers' behaviour results from their perceptions of a technology's emotional, episte-
mic, functional, and social values (Sheth et al., 1991). While not considered in prior chatbot literature, epistemic value
is important for customer behaviour related to new experiences (Sheth et al., 1991), such as interacting with
chatbots. Values' contributions to behaviour vary depending on whether customers are in an everyday life situation
or a disruptive situation (Smith & Colgate, 2007). In everyday life situations, customers rely on rational consider-
ations (Vazquez-Martinez et al., 2021), that is, they interact with a chatbot when perceiving ample values. In disrup-

tive situations, their evaluation of whether chatbots offer ample values may change (Vazquez-Martinez et al., 2021).
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While these situations may not change the assessed values of the chatbot (Sweeney & Soutar, 2001), they may
cause customers to reconsider their assessment of whether existing values are ample enough to change their behav-
iour. As such, TCV provides a theoretical rationale for considering how disruptive situations stimulate the way values
influence customers' WTI with chatbots.

We take these insights as an opportunity to integrate established value-based perspectives with a situational
perspective (Burton-Jones et al., 2015) and theorise how disruptive situations stimulate the relationship between
values and WTI with chatbots. We ask:

How does a disruptive situation stimulate the relationship between values and WTI with chatbots?

To answer this research question, we followed an abductive theory-building approach (Van Maanen
et al., 2007). Drawing on TCV for an initial understanding of how emotional, epistemic, functional, and social values
explain WTI with chatbots in disruptive situations, we conducted a two-step empirical approach in the illustrative
context of banking. In the first step, we used a qualitative research design and conducted semi-structured interviews
(N = 51) to identify six values that generally influence WTI with chatbots, irrespective of disruptive situations. In the
second step, we integrated a scenario-based study with a quantitative study using fuzzy set qualitative comparative
analysis (fsQCA) (N = 153) to reveal how a disruptive situation stimulates the relationship between combinations of
the identified values, that is, configurations, and WTI with chatbots. Results reveal three configurations stimulated
by the disruptive situation (i.e., disruption-stimulated) and one configuration not affected by the disruptive situation
(i.e., disruption-robust) that explain WTI with chatbots. Findings reveal a disruption-robust configuration that
describes customers with no WTI with chatbots. Based on a dialogue between our findings and TCV, we developed
propositions for the theoretical mechanisms across the sufficient configurations and the theoretical mechanisms
within the sufficient configurations.

We contribute to the chatbot and TCV literature. Taking a situational and configurational perspective, we show
that values explain WTI and no WTI with chatbots symmetrically, that is, customers who experience all values have a
WTI with chatbots and those who experience none have no WTI with chatbots, irrespective of whether they experi-
ence a disruptive situation. We show that disruptive situations stimulate WTI with chatbots so that customers with
different value configurations that would not have been sufficient otherwise have a WTI with chatbots. This way,
we extend TCV research by going beyond established value-based explanations and probing disruptive situations as
a boundary condition for customers' WTI with chatbots. By integrating the chatbot literature with TCV, we add epi-

stemic value as an important driver of WTI with chatbots to the known emotional, functional, and social values.

2 | CUSTOMERINTERACTIONS WITH CHATBOTS

In recent years, the literature on chatbots has grown (Diederich et al., 2022). The chatbot literature studies diverse
topics, including customers' WTI with chatbots in terms of their reliance on the chatbot (Cheng et al., 2022), engage-
ment (Chandra et al., 2022), and use (Gnewuch et al., 2022) (see Table A1 in Appendix A). While the studies draw on
various theoretical lenses, such as cognitive fit theory (Chen et al., 2021) and social presence theory (Schuetzler
et al., 2020), at their core, they largely rely on customers' perceptions of chatbots' values to explain WTI with
chatbots (see Table A1 in Appendix A).

The literature identifies emotional (Huang & Lee, 2022), functional (Shin et al., 2022), and social values (Schanke
et al., 2021). Emotional values such as perceived empathy and emotional arousal promote customer use of chatbots
(Cheng et al., 2022; Huang & Lee, 2022). Functional values such as perceived task-solving competence and perceived
personalization of responses increase customers' trust in chatbots and their attachment to chatbots (Jiang
et al., 2023; Lee et al., 2022). Social values, such as perceiving chatbots as human-like social actors, that is, perceived
anthropomorphism and perceived social presence, increase customer satisfaction and use of chatbots (Gnewuch
et al.,, 2022; Konya-Baumbach et al., 2023). Epistemic values, such as curiosity (Agarwal & Karahanna, 2000), are not

considered in extant chatbot literature.
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All identified values explain customers' WTI with chatbots in their everyday lives. Yet, customers occasionally
face disruptive situations that require them to readjust and can stimulate their behaviour beyond values (Maier et al.,
2024). To integrate disruptive situations into explanations of WTI with chatbots, we leverage the TCV.

3 | THEORETICAL BACKGROUND
3.1 | Theory of consumption values

We draw on three key insights of TCV to theorise how disruptive situations, such as the COVID-19 outbreak, stimu-
late WTI with chatbots.

The first key insight suggests that customers' perceptions about the values of a technology explain their behav-
iour (Sheth et al., 1991). It posits that different values influence behaviour, that is, emotional, epistemic, functional,
and social values (Sweeney & Soutar, 2001) (see Table 1). Rather than offering predefined values, TCV suggests that
researchers identify and categorise values along those value types (Mantymaki et al., 2020). This is important
because the values and their influence on behaviour vary depending on the context (Hong et al., 2014).

The second key insight of TCV postulates that values are situational (Smith & Colgate, 2007), suggesting that
behaviour depends on customers' perception of the specific situation in which the value evaluation occurs (Sweeney &
Soutar, 2001; Zeithaml et al., 2020). Research in the same line of argumentation suggests that customers' perceptions
of situations influence their behaviour (Belk, 1975). In their everyday life, customers rely on their rational consider-
ations (Vazquez-Martinez et al., 2021). In other words, they behave in a certain way, such as buying a specific product
or interacting with a specific technology, when they perceive ample values (Sheth et al., 1991). The evaluation of
whether values are ample changes when customers perceive a disruptive situation, such as the COVID-19 outbreak
(Vazquez-Martinez et al., 2021). Disruptive situations describe discontinuities in the environment that require cus-
tomers to readjust and have the potential to change their behaviour (Morgeson et al., 2015). When customers are in a
disruptive situation that a product or technology can support, they reevaluate whether its values are ample for a behav-
jour (Vazquez-Martinez et al., 2021), that is, they lower their mental threshold at which the perceived values lead to a
behaviour. For example, studies show that disruptive situations such as the birth of a child or developing health prob-
lems make grocery shopping more difficult, leading some customers to start shopping online (Hand et al., 2009).
Recognising that the way values influence behaviour depends on customers' perception of the specific situation allows
us to probe how disruptive situations stimulate the influence of values on WTI with chatbots.

The third key insight of TCV emphasises that behaviour is a function of multiple values (Sheth et al., 1991),
suggesting that the values relevant to a particular context do not contribute to behaviour in isolation (Zeithaml
et al, 2020). Rather, the multiple values interrelate and are evaluated jointly by customers (Sweeney &
Soutar, 2001), suggesting that combinations of different values, so-called configurations, must be considered to com-

prehensively explain behaviour (Goncalves et al., 2016). Research extends this with the notion that values are

TABLE 1 Types of values.
Value
types Definition (Sheth et al., 1991)
Emotional  The perceived utility acquired from an alternative's capacity to arouse feelings or affective states.

Epistemic The perceived utility acquired from an alternative's capacity to arouse curiosity, provide novelty, or
satisfy a desire for knowledge.

Functional  The perceived utility acquired from an alternative's capacity for utilitarian or physical performance.

Social The perceived utility acquired from an alternative's association with one or more specific groups.

:sdny) suonIpuo)) pue sud [ Ay S “[$70Z/01/10] U0 Areiqr auruQ) Ad[1A ‘Sroquieg yoylorqiqsiensiaatun) Aq L0SZ 1811 [ 11°01/10p/wod Aaim Areiqiiaur[uoy/:sdny woij papeo[umod ‘s 70T ‘SLSTSIET

-Kojia:

QSURDI'T SuOWWO)) dANEa1)) [qeat[dde oyl £q pauIaA0S a1e SOILE V() ‘asn Jo s 10} A1eIqr] aurjuQ Ad[IA\ U0



MEIER ET AL

WILEY_|

personal (Holbrook, 1996) and that different customers may weigh the relevance of values for a behaviour differ-
ently (Sweeney & Soutar, 2001), suggesting that customers have different reasons for their behaviour. Taken
together, TCV suggests that customers follow different reasoning for their behaviour, and each reasoning consists of
multiple interacting values.

IS research employs TCV to study customers' technology interactions in contexts such as digital content services
(Mantymaki et al., 2020), hedonic digital artefacts (Turel et al., 2010), and social networking sites (Kim et al., 2011).
The findings of these studies explain how values sensitive to certain technologies influence behaviour and provide
general explanations independent of the disruptive situations (see Table A2 in Appendix A).

While IS research draws on the first key insight of TCV to explain technology interaction in different contexts
based on emotional, epistemic, functional, and social values, there are two directions for leveraging the second and
third key insights to explain how disruptive situations stimulate WTI with chatbots (see Table 2). The second key
insight of TCV suggests that values contribute differently to behaviour in specific situations (Sweeney &
Soutar, 2001), that is, how values lead to behaviour differs in disruptive situations (Vazquez-Martinez et al., 2021).
This insight directs attention to how customers' perceptions of a specific situation, that is, disruptive situation versus
no disruptive situation, stimulate the relationship between values and technology interaction. Such a situational per-
spective is particularly relevant for understanding why and how disruptive situations stimulate WTI with chatbots.

The third key insight of TCV highlights that values are interrelated and collectively contribute to behaviour
(Zeithaml et al., 2020) and that customers may differ in their reasoning for behaviour (Sweeney & Soutar, 2001).
Related IS literature explains how the values uniquely contribute to behaviours such as technology use (Yang &
Lin, 2017; Zhu et al., 2023). Existing explanations that follow—from a methodological point of view—linear logic do
not consider equifinality and conjunctural causation (Mattke et al., 2021), that is, different configurations of values,
rather than isolated values, form behaviour. We take this as an opportunity to propose a configurational perspective,

considering that different configurations of multiple emotional, epistemic, functional, and social values explain WTI.

3.2 | Toward a situational and configurational perspective on WTI with chatbots

Some IS research has linked the context to specific technology-related situations, showing that technology break-
downs (Ortiz de Guinea & Webster, 2013) and security threats (Liang et al., 2019) affect how customers interact

TABLE 2 Leveraging the key insights of TCV to explain WTI with chatbots.

Key insight of TCV

1. Emotional, epistemic, functional,
and social values influence
behaviour (Sheth et al., 1991).

2. Values contribute differently to
behaviour based on customers'
perceptions of specific situations
(Belk, 1975; Zeithaml
et al., 2020).

3. Values collectively contribute to
behaviour, and different
customers can weigh the
relevance of values for a
behaviour differently
(Holbrook, 1996; Sweeney &
Soutar, 2001).

Application in IS research using TCV

Fully used. 1S research identifies
emotional, epistemic, functional,
and social values in different
contexts (see Table A2).

Not used. IS research does not
consider customers' perceptions of
specific situations (e.g., disruptive

situation vs. no disruptive situation).

Not used. IS research focuses on how
isolated values influence behaviour,
not considering that values
influence behaviour in
configurations and that customers
might differ in their reasoning.

Implications for this study

Emotional, epistemic, functional, and
social values in the context of
chatbots need to be identified to
explain WTI with chatbots.

Customers' perceptions of disruptive
situations stimulate how the
different values influence WTI
with chatbots.

Customers follow different
rationales for their WTI with
chatbots, each consisting of
multiple values.
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with technology. For example, data breaches may cause customers to switch to an alternative technology
(Nikkhah & Grover, 2022). Even when technology interaction research examines specific situations, it draws atten-
tion to technology-related situations and their behavioural consequences. Despite these insights, other IS research
contexts suggest that disruptive situations beyond specific technology-related situations can influence behaviour.
For example, in the context of open-source communities, disruptive situations such as the COVID-19 outbreak can
cause users to increase their contributions to projects (Malgonde et al., 2023). Similarly, there are indications that
such disruptive situations can cause customers to increase their use of streaming services and collaboration software
(Meier et al., 2022). Such insights suggest an opportunity to study if and how disruptive situations, such as the
COVID-19 outbreak, influence customers' technology interactions, such as their WTI with chatbots.

To understand how disruptive situations stimulate WTI with chatbots, we turn to management research, show-
ing that situations influence behaviour based on individuals' perceptions of their disruption (Maier et al., 2021). Indi-
viduals differ in their assessment of the disruptiveness of a situation (Kammeyer-Mueller et al., 2005; Pleskac
et al., 2011), suggesting that some customers will evaluate a particular situation as highly disruptive, that is, a disrup-
tive situation, while others will not. Disruptive situations interfere with individuals' status quo (Holtom et al., 2005)
and potentially influence their behaviour in a specific context, while non-disruptive situations do not have such
power.

For example, in the banking context, customers were asked to change their behaviour when COVID-19 broke
out, that is, to stop going to the actual bank. For some customers, this change significantly altered how they man-
aged their finances (Bellens, 2020). They limited their personal contact with other people and their interactions with
their human bank advisor. They looked for new ways to interact with their bank to manage their finances (i.e., a dis-
ruptive situation for handling financial matters), such as considering interacting with a chatbot instead of their human
bank advisor. Other customers were less affected by this situation because they were used to handling their financial
matters without human assistance (i.e., no disruptive situation for handling financial matters). Since customers prefer
interacting with chatbots over human advisors when seeking fact-based and logical advice (Longoni & Cian, 2022), a
disruptive situation incentivised many customers to deviate from their established behaviour and shift to interacting
with chatbots to handle financial matters.

Rooted in TCV and the related literature, we propose that configurations of emotional, epistemic, functional,
and social values explain WTI with chatbots stimulated by disruptive situations. To reflect the configurational per-
spective, we consider that configurations may include present and absent values and that the configurations giving

rise to no WTI with chatbots may not be the opposite of the configurations giving rise to WTI with chatbots (see

Figure 1).
Configurations of values
. . . Disruptive situation
Emotional values Epistemic values
i stimulates

_______________ WTI with

influence collectively chatbots
Functional values Social values Focus of the first step: [_]
Focus of the second step: — — -

FIGURE 1 Research approach.
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4 | METHODOLOGY

We conducted a two-step empirical approach to examine how disruptive situations stimulate WTI with chatbots.
Since practical data suggests that when COVID-19 broke out, bank customers' interactions with chatbots increased
(Magana, 2020), we consider banking an appropriate illustrative context to probe how configurations influence WTI
with chatbots stimulated by a disruptive situation. Banks typically provide chatbots to their customers free of charge
through their websites or mobile applications (Peck, 2022). Chatbots provide customers natural language access to
financial services using voice or text (Dilmegani, 2023). For example, customers request assistance with financial
transactions, ask chatbots for information about bank accounts or credit cards, or ask frequently asked questions
(Bika, 2020). Chatbots also detect unusual transactions and provide insight into money spending patterns
(Franco, 2021).

In the first step, we used a qualitative approach to identify values that generally explain WTI with chatbots
according to the four value types of TCV in this illustrative context. In the second step, we used the identified values
to conduct a scenario-based study to contrast how configurations of the values influence WTI with chatbots based
on whether customers perceived a disruptive situation.

4.1 | First step: Values influence WTI with chatbots
41.1 | Data collection

We purposefully sought out and interviewed bank customers whose banks offered chatbots to gain insight into the
values that influence customers' interactions in this illustrative context. We approached a snowballing sample by
identifying potential participants through the authors' circles of acquaintances and using the snowballing technique
to identify additional participants matching the eligibility criteria (Myers & Newman, 2007). The semi-structured
interviews were guided by an iteratively developed set of questions (Myers & Newman, 2007; Schultze &
Avital, 2011) (see Table B1 in Appendix B). We asked participants about the reasons they interacted with chatbots.
To elicit detailed information, we used the “laddering” technique to repeatedly ask ‘why’ and ‘why not’ questions to
get to the bottom of their reasons (Schultze & Avital, 2011). We conducted interviews until we reached saturation
and no new concepts were identified. In total, we interviewed 51 customers with access to chatbots from their
banks, which is a good sample size for qualitative studies (Collins et al., 2006). We recorded and transcribed the
interviews with the participants' permission for the qualitative analysis. Each interview lasted approximately ten to
25 min. The participants' demographics reflect that largely younger customers interact with chatbots (see Table 3)
(Cheng et al., 2022).

4.1.2 | Dataanalysis and validation

We followed an established coding scheme (Myers, 2019). We identified statements describing participants' percep-
tions of a chatbot's values that lead them to interact with it. We then used descriptive and subsequently interpretive
coding to group similar statements (Myers, 2019) and identify different values influencing WTI with chatbots. For
example, we coded this statement with the descriptive code Chatbot is understanding: “A chatbot is simply more
understanding. It is more forgiving and not immediately annoyed when you don't understand something and have to
ask again”. We then used interpretive coding to group similar descriptive codes. For example, we grouped the
descriptive codes Chatbot is understanding and Chatbot is friendly to the interpretive code perceived empathy. We val-
idated the qualitative findings and determined the design validity, analytical validity, and inferential validity (see
Table B3 in Appendix B).
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TABLE 3 Demographics of the 51 participants.

Age (in percent, Mean:  Biological sex (in

29.04; SD: 9.55) percent) Education (in percent) Used functionalities (in percent)

<26 years 43.14 Male 56.86  High school 33.33  Gathering general information 64.71
26-30 years 35.30 Female 43.14 Bachelor'sdegree 27.45  Gathering sensitive information  47.06
31-35 years 7.84 Master's degree 29.41  Financial transactions 45.10
36-40 years 5.88 Other 9.81  Administrative tasks 31.37
>40 years 7.84 Fraud detection 11.76

Note: “Gathering general information” includes asking frequently asked questions or getting information about a bank's
products. “Gathering sensitive information” includes checking the bank account balance or recent credit card transactions.
“Financial transactions™ include making money transfers. “Administrative tasks” include changing a credit card limit or
locking a credit card. “Fraud detection” includes getting notified about unusual transactions.

413 | Results

We identified six values relevant to WTI with chatbots: perceived empathy, curiosity, perceived personalization, per-
ceived benefit, perceived objectivity, and perceived anthropomorphism. While the values of perceived empathy (Cheng
et al., 2022), perceived personalization (Rhee & Choi, 2020), perceived benefit (Jiang et al., 2023), and perceived
anthropomorphism (Go & Sundar, 2019) are well-known in chatbot literature, we identified curiosity and
perceived objectivity as additional drivers of customers' WTI with chatbots. We draw on broader IS research to
define curiosity (Agarwal & Karahanna, 2000) and on management research to define perceived objectivity
(Uhlmann & Cohen, 2007) (see Table 4).

Consistent with TCV and IS research (Mantymaki et al., 2020), we enriched our qualitative findings with previous
literature to categorise the identified values as emotional, epistemic, functional, and social values (see Table 4). To
assess the validity of the categorization, we used a Q-sorting approach. Since all categorised values exceeded a hit
rate of 61 percent (see Appendix B), we conclude that the assignment of the identified values to emotional, epistemic,
functional, and social values is valid.

The interviews supported the practical evidence that a disruptive situation stimulates how the values influence
WTI with chatbots. While some customers perceived the COVID-19 outbreak as a disruptive situation for handling
financial matters, others did not, which is reflected in the quotes from the interviews (see Table 5).

4.2 | Second step: Configurations of values influence WTI with chatbots stimulated by
disruptive situations

We draw on qualitative insights to examine how the identified values influence WTI with chatbots stimulated by the

disruptive situation. We used fsQCA to analyse data from a scenario-based study.

421 | Procedure of the scenario-based study

We created two scenarios. Scenario A described the COVID-19 outbreak as a disruptive situation for handling finan-
cial matters. Scenario B described it as no disruptive situation for handling financial matters (see Appendix C). We
aligned our design with previous scenario-based studies (D'Arcy et al., 2014). Participants were randomly exposed to
one of the two scenarios and then asked to complete a survey. To avoid demand, priming, and ordering effects, par-

ticipants were unaware of the study's purpose, and each participant took part in only one of the scenarios.
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TABLE 4 Identified values.
Value
type Identified value
Emotional Perceived empathy

(adapted from Cheng
et al., 2022)

Epistemic Curiosity

(adapted from Agarwal
& Karahanna, 2000)

Definition

The degree to which
customers believe
that a chatbot can
identify, understand,
and react to their
thoughts, feelings,
behaviour, and
experiences.

The degree to which
the interaction with
a chatbot invokes
customers'
excitement about

available possibilities.

Evidence from
interviews

“A chatbot is simply
more understanding.
It is more forgiving
and not immediately
annoyed when you
don't understand
something and have
to ask again”.

“When | don't feel like
talking to bank
advisors, the chatbot
is much more
pleasant. It's always
friendly, can't be in a
bad mood, and you
don't get a snotty
answer”.

“Qut of pure curiosity. |
wanted to see how it
works, if it's like a
real conversation,
and if | get the right
answers”.

“l was curious. So what
functions it would
have, what questions
you could ask, for
example, to open a
new account. That is

Explanation based on
extant literature

Empathy describes the
emotional response
to another person's
emotional state
(Eisenberg &
Strayer, 1987). While
empathy is known as
an essential factor in
establishing and
maintaining
interpersonal
relationships
between customers
and human advisors
(Wieseke
et al.,, 2012), recent
research shows that
the degree to which
customers believe
that a chatbot
possesses empathy
also plays an
important role in
chatbot-human
interaction (Cheng
et al., 2022).
Integrating literature
postulating that
empathy depicts an
emotional reaction
with TCV, we
suggest that
customers'
perception of a
chatbot's empathy in
response to their
own emotional state
represents an
emotional value for
customers.

When customers
perceive a gap in
information in a
specific context
(Loewenstein, 1994),
it arouses their
sensory and cognitive
curiosity
(Malone, 1981).
Curiosity contributes
to customers'
technology
interaction (Agarwal

(Continues)
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TABLE 4 (Continued)

Value
type Identified value
Functional  Perceived

personalization
(adapted from Gu
et al., 2020)

Perceived benefit
(adapted from Kim
et al., 2009)

Definition

The degree to which
customers believe
that a chatbot
understands their
specific preferences
and then offers
personalised services
that address their
needs.

The degree to which
customers believe
that a chatbot is
valuable for
performing a specific
task, for example,
handling financial
matters.

Evidence from

interviews

quite exciting for

2

me’™.

“It's also good that the
chatbot knows and
takes into account
my personal
circumstances”.

“] also like the fact that

| get answers that are

tailored to me. No
generic nonsense like
look at the FAQs, but
actual information
about my bank
accounts and my
financial situation”.

“It simply takes less
time, because you
don't have to go to
the bank or wait for
hours on the
telephone hotline”.

“You get more precise
help, because
chatbots can answer
the questions you
have quite well and
you are not
forwarded 40 times
to people who can
answer your
question. It makes

Explanation based on
extant literature

& Karahanna, 2000).
In line with TCV
(Sheth et al., 1991),
we suggest that
curiosity depicts an
epistemic value.

Personalization

describes the degree
of a technology's
adaptation to
customers' needs
(Sundar &

Marathe, 2010). It
describes the
experiences
customers have with
tailoring technology
to meet their specific
needs (Lee &

Lin, 2005). Following
research that
postulates that
personalization
allows to adapt
technologies to
customers' changing
needs and so keep
them relevant to
customers (Wang

et al.,, 2017), we
categorise customers'
perception of a
chatbot's
personalization as
functional value.

TCV explains that

customers are
interested in
technologies with
functional and
utilitarian attributes
relevant to
completing necessary
tasks (Sheth

et al,, 1991). This
view is supported in
chatbot research,
which shows
customers interact
with chatbots when
they perceive them
as beneficial for a
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TABLE 4 (Continued)

Value
type Identified value
Perceived objectivity
(adapted from
Uhlmann &
Cohen, 2007)
Social Perceived

anthropomorphism
(adapted from Epley
et al., 2007)

Definition

The degree to which

customers believe
that a chatbot
performs tasks and
gives advice fact-
based and
impartially.

The degree to which

customers attribute
human
characteristics to a
chatbot and perceive
it as a social actor.

Evidence from
interviews

everything faster and
easier.”

“Another advantage is
that you don't have
to ask bank advisors
who might want to
talk you into
something. You don't
know what they
actually want, if they
really want to advise
you well or if they
are just out for a
commission. | believe
that the chatbot sees
things more
objectively and not
as subjectively as a
human”.

“I think that a chatbot
informs me more
objectively than a
human bank advisor.
That it advises me
fact-based and
without ulterior
motives”.

“The chatbot is actually
quite nice and
friendly. Talking to it
is like talking to a
bank employee who
has been sitting there
for 30 years and is
not motivated, only
better”.

Explanation based on
extant literature

specific task (Jiang
et al., 2023), for
example, when
chatbots increase
their productivity in
handling financial
matters. We
accordingly
categorise perceived
benefit as functional
value.

Marketing research
suggests that
customers who
perceive an
advertisement as
objective are more
likely to respond
positively (Darley &
Smith, 1993).
Financial research
underlines this,
showing that some
customers are
sceptical about the
potentially biased
advice they receive
from human bank
advisors (Berg, 2008).
Following indications
that customers are
more likely to
respond with
favourable behaviour
when they perceive
advice as fact-based
and impartial, we
suggest that
customers appreciate
the perception that a
chatbot offers
objective advice as a
functional value.

Customers tend to
attribute non-human
entities like chatbots
with human-like
characteristics
(Ochmann
et al., 2024;
Schuetzler
et al., 2020),
especially when they

(Continues)
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TABLE 4 (Continued)

Explanation based on
extant literature

Value Evidence from
type Identified value Definition interviews

“l find it quite funny lack a sense of social

that you interact
with chatbots like
with people, even
though they are
machines. Chatbots
are always friendly,
so when you give
them voice
commands, they say
that they didn't
understand the
command and that
you should please
repeat it, which is
quite cute”.

connection to other
humans (Epley

et al., 2007). They
apply social norms to
the technology they
perceive as
anthropomorphic and
perceive such
technology as a social
actor (Nass &

Moon, 2000), which
changes how they
interact with them
(Park et al., 2021).
Given that individuals

draw from the
perception of
anthropomorphism
to substitute social
connections with
humans (Epley

et al.,, 2007), we
categorise perceived
anthropomorphism
as social value.

422 | Data collection

Consistent with IS research (Yazdanmehr et al., 2020), we used Amazon Mechanical Turk (MTurk) to recruit partici-
pants whose banks offer a chatbot. We followed guidelines for data collection using MTurk to obtain reliable and
valid data (Lowry et al., 2016). We used MTurk filters to invite participants who resided in the United States. We
excluded MTurk workers who frequently completed tasks in very short timeframes based on their approval rate of
previous tasks and the overall number of approved tasks. To motivate participants to provide accurate responses, we

299

included attention checks such as “Please choose ‘Disagree’” in our survey. To ensure participants were familiar with
chatbots and that their bank offered a chatbot, we included screening questions such as “Are you familiar with bank-
ing chatbots?” and “Does your bank offer a banking chatbot?” (see Table C1 in Appendix C). We only allowed partic-
ipants to proceed with the survey when they answered all screening questions correctly. We ensured that the
participants read and understood the scenarios by filtering for participants who reported the COVID-19 outbreak as
a disruptive situation for handling financial matters in Scenario A and participants who did not report it as a disrup-
tive situation for handling financial matters in Scenario B based on established measures (Morgeson, 2005) (see
Table C2 in Appendix C). This ensured a successful manipulation of the disruptive situation for handling financial
matters. We compensated participants above the US minimum wage.

175 participants passed our screening questions and attention checks. The average time to complete the survey
was 8.68 min, so we removed 21 participants who completed the survey in less than 3 min. We deleted one partici-

pant because of not answering more than two questions. Our final sample consisted of 153 participants, 76 of whom
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TABLE 5 Disruptive situation.

Situation Evidence from interviews

A disruptive situation for handling “Thanks to COVID-19, waiting times at banks have skyrocketed. And, of course,
financial matters. it's also nice to be able to do things with a chatbot in such a situation without
having to go see the bank advisor in person”.

No disruptive situation for “l was not really affected by the outbreak of COVID-19. It was probably more
handling financial matters. relevant for people who regularly consult their human bank advisor”.

were exposed to Scenario A and 77 of whom where exposed to Scenario B. We examined seven conditions, that is,
six values and a disruptive situation, with 153 observations. With this, we follow the recommendations for large-N
QCA to include more than 50 observations and not more than eight conditions (Greckhamer et al., 2013; Mithas
et al., 2022). Our sample also includes more than five observations for every condition, which is consistent with
recent methodological suggestions for QCA (Mattke et al., 2022). The data is available at the Open Science
Foundation.® We report the demographics in Table 6.

423 | Measures and measurement model

We adapted the measures to the banking context by referring to the respective chatbots wherever possible (see
Table C2 in Appendix C). We measured all items using a seven-point Likert scale from one (“Strongly disagree”) to
seven (“Strongly agree”).

We evaluated the adapted measures' indicator reliability, construct reliability, and discriminant validity (Mattke
et al., 2021). We dropped one item of perceived empathy due to its low loading. We provide an overview of the items
and their loadings in Table C2 in Appendix C. We state indicator reliability, as all remaining items exceed the thresh-
old of 0.707 (Carmines & Zeller, 2008). As the composite reliability of all measures is greater than 0.70 and the aver-
age variance extracted (AVE) of all measures is greater than 0.50 (see Table 7), we are confident about construct
reliability. The square root of each measure's AVE is greater than the corresponding construct correlations (see
Table 7), suggesting discriminant validity (Fornell & Larcker, 1981). Examining the cross loadings, we find that the
loadings of each item are the highest for the corresponding construct (see Table C3 in Appendix C), indicating dis-
criminant validity (Chin, 1998). Applying the heterotrait-monotrait (HTMT) ratio test, we find that the highest value
is 0.84, which is below the HTMTg g5 threshold (Henseler et al., 2015), allowing us to conclude discriminant validity.
We are confident that our measures are reliable, discriminant, and convergent.

424 | Data analysis using fsQCA

We applied a fsQCA to study how the values influence WTI with chatbots. This configurational approach enables us
to analyse how configurations of values influence the outcome of WTI with chatbots stimulated by the disruptive sit-
uation. We examined configurations of the six identified values perceived empathy, curiosity, perceived personalization,
perceived benefit, perceived objectivity, and perceived anthropomorphism. We also included a disruptive situation, all-
owing us to separate the solutions for WTI and no WTI with chatbots based on the presence and absence of the dis-
ruptive situation. We include the values and the disruptive situation in the fsQCA as conditions. A condition refers

to a set membership of a variable, and its value expresses the extent to which a condition is fully in a set

Chatbot interactions: How consumption values and disruptive situations influence cCustomers' willingness to interact. https://doi.org/10.17605/OSF.10/
FK3YQ.
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TABLE 6 Demographics of the 153 participants.

Age (in percent, Mean: 34.92; SD: 10.10) Biological sex (in percent) Education (in percent)

<26 years 21.57 Male 44.44 High school 9.81
26-30 years 18.95 Female 54.90 Bachelor's degree 62.09
31-35 years 18.30 Other 0.66 Master's degree 27.45
36-40 years 20.26 Other 0.65
>40 years 20.92

(i.e., present) or fully out of a set (i.e., absent) (Mattke et al., 2021). As outcomes, we investigated WTI with chatbots
and no WTI with chatbots. In each analysis, we first analysed necessary conditions, which describe values that must
be present or absent for customers to show WTI or no WTI with chatbots. We then analysed for sufficient configu-
rations, which describe configurations of values that result in either WTI or no WTI with chatbots.

fsQCA relies on set memberships. Conditions and outcomes are represented by fuzzy set memberships that
range from zero to one. While a fuzzy set membership of zero indicates that a customer does not perceive a particu-
lar value, a fuzzy set membership of one indicates that a customer does perceive the value. For example, a member-
ship of zero for perceived benefit indicates that a customer does not perceive a chatbot as beneficial, a membership
of 0.30 indicates that a customer tends not to perceive it as beneficial, a membership of 0.70 indicates that a cus-
tomer tends to perceive it as beneficial, and a membership of one shows that a customer perceives it as beneficial.
Appendix C describes the calibration, analysis for necessary conditions, and analysis for sufficient configurations of
fsQCA. We validate the quantitative findings and report the design validity, measurement validity, and inferential
validity (see Table C6 in Appendix C).

425 | Results

The analysis for necessary conditions revealed that the emotional value of perceived empathy (consistency = 0.95,
coverage = 0.80, relevance of necessity = 0.62) and the functional value of perceived objectivity (consistency = 0.91,
coverage = 0.80, relevance of necessity = 0.66) exceed the necessary condition thresholds for WTI with chatbots.
Despite passing the necessary condition thresholds, perceived objectivity is not included in all sufficient configura-
tions for WTI with chatbots. Since perceived objectivity as a necessary condition conflicts with the sufficient config-
urations (Mattke et al., 2021) and its explanatory power measured by the Banzhaf index is lower or equal than most
other values (see Table C4 in Appendix C) (Haake & Schneider, 2023), we decided not to include it as a necessary
condition. The analysis for sufficient configurations revealed four sufficient configurations for WTI with chatbots
and one for no WTI with chatbots (see Figure 2). The identified sufficient configurations reflect the complex solution
that matches the intermediate solution since we did not draw on theoretical insights to employ counterfactuals. By
using each possible counterfactual, we identified the parsimonious solutions (please see Figure C1 in Appendix C).

We combined the intermediate solution, which also reflects the complex solution, and the parsimonious solution
to identify core and peripheral conditions. Core conditions are conditions with a strong causal relationship with an
outcome within a sufficient configuration, and peripheral conditions are conditions with a weaker causal relationship
with an outcome within a sufficient configuration (see Appendix C). Because we did not theorise about a distinction
between core and peripheral conditions ‘a priori’, we report them without distinguishing between them in the theo-
retical interpretations for the sake of transparency (Dwivedi et al., 2018).

To explain how a disruptive situation stimulates WTI with chatbots, we follow previous configurational IS
research (Lee et al., 2019; Park et al., 2017) to separate the sufficient configurations based on the disruptive situa-

tion. This allowed us to study how a present or absent disruptive situation stimulates the sufficient configurations
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that lead to WTI and no WTI with chatbots. We revealed three sufficient configurations that explain WTI with
chatbots when customers experience a disruptive situation (sensitive customer, pragmatic customer, apathetic cus-
tomer), that is, disruption-stimulated configurations, and one sufficient configuration that explains WTI with chatbots
irrespective of whether a customer experiences a disruptive situation (fastidious customer), that is, disruption-robust
configuration. Similarly, we identified one disruption-robust configuration for no WTI with chatbots (rejecting cus-
tomer). We present a graphical representation of our results in Figure 2.

We evaluated the quality of our solutions based on consistency, which describes the extent to which a solution
explains an outcome (Schneider & Wagemann, 2010), and coverage, which represents the proportion of observations
covered by a solution (Ragin, 2006). For WTI with chatbots, the solution consistency is 0.92, and the solution cover-
age is 0.74. The solution consistency for no WTI with chatbots is 0.99, and the solution coverage is 0.35 (see
Figure 2).

The first sufficient configuration for WTI with chatbots, which we labelled the sensitive customer, depicts cus-
tomers who experienced a disruptive situation as a core condition. They experienced a configuration of values,
including the epistemic value of curiosity and the social value of perceived anthropomorphism as core conditions,
and the emotional value of perceived empathy and the functional values of perceived personalization and perceived
benefit as peripheral conditions. The functional value of perceived objectivity is irrelevant for sensitive customers.

The second sufficient configuration for WTI with chatbots, which we labelled the apathetic customer, depicts
customers who experienced a disruptive situation as a peripheral condition. They experienced a configuration of
values, including the social value of perceived anthropomorphism as a core condition, and the emotional value
of perceived empathy and the functional values of perceived personalization, perceived benefit, and perceived objec-
tivity as peripheral conditions. The epistemic value of curiosity is irrelevant for apathetic customers' WTI with
chatbots.

The third sufficient configuration for WTI with chatbots, which we labelled the pragmatic customer, depicts cus-
tomers who experienced a disruptive situation as a core condition. They experienced a configuration of values,
including the epistemic value of curiosity as a core condition, and the emotional value of perceived empathy and the
functional values of perceived benefit and perceived objectivity as peripheral conditions. Pragmatic customers do not
experience the social value perceived anthropomorphism as a peripheral condition, and the functional value per-

ceived personalization is irrelevant to their WTI with chatbots.

WTI with chatbots No WE with
Sensitive Apathetic Pragmatic | Fastidious | Rejecting
customer customer customer | customer customer
Disruptive situation [ ] (] [ ]
Emotional value |Perceived empathy o o ° o ®
Epistemic value |Curiosity [ ] [ ] ° ®
Perceived personalization ° (] (] ®
Functional value |Perceived benefit ° (] ° (] ®
Perceived objectivity ° o ° ®
Social value Perceived anthropomorphism [ ] [ ® [ ®
Raw coverage 0.44 0.43 0.26 0.60 0.35
Unique coverage 0.03 0.02 0.10 0.19 0.35
Consistency 0.98 0.98 0.92 0.93 0.99
Solution coverage 0.74 0.35
Solution consistency 0.92 0.99

FIGURE 2 Sufficient configurations for WTI and no WTI with chatbots.
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The fourth sufficient configuration for WTI with chatbots, which we label the fastidious customer, depicts cus-
tomers that experienced a configuration of all values, including the social value of perceived anthropomorphism as a
core condition and the emotional value of perceived empathy, the epistemic value of curiosity, and the functional
values of perceived personalization, perceived benefit, and perceived objectivity as peripheral conditions. Whether
or not fastidious customers experienced a disruptive situation is irrelevant to their WTI with chatbots.

The sufficient configuration for no WTI with chatbots, which we labelled the rejecting customer, depicts cus-
tomers who did not experience any emotional, epistemic, functional, or social values of chatbots as core conditions.
Whether they experienced a disruptive situation or not is irrelevant to these customers.

We evaluated the sufficient configurations based on their consistency, raw coverage, and unique coverage. The
consistency score describes the degree to which a sufficient configuration consistently leads to an outcome (Park,
Fiss, & El Sawy, 2020). Raw coverage explains the proportion of observations of an outcome covered by a specific
sufficient configuration (Schneider & Wagemann, 2010). Unique coverage describes the proportion of observations
of an outcome exclusively covered by a specific configuration, that is, excluding the proportions covered by other
sufficient configurations. The consistency scores of all five configurations exceed the minimum consistency of 0.75.
All configurations are empirically relevant as the raw coverages of the sufficient configurations range from 0.26 to
0.60. The unique coverages of the configurations for WTI with chatbots range from 0.02 to 0.19, indicating moder-
ate explanatory overlap (Park, Fiss, & El Sawy, 2020). The unique coverages of 0.10 for the pragmatic customer and
0.19 for the fastidious customer indicate that these two configurations have a high unique explanatory power,
suggesting that they reflect complementary explanations for WTI with chatbots (Park, Fiss, & El Sawy, 2020). The
unique coverages of 0.03 for the sensitive customer and 0.02 for the apathetic customer suggest that they have a
higher explanatory overlap, indicating that they explain roughly the same set of cases and that one configuration can
substitute for the other (Park, Fiss, & El Sawy, 2020).

5 | DISCUSSION

Disruptive situations, such as the COVID-19 outbreak, can serve as catalysts for customers' WTI with chatbots. We
build on TCV to take a situational and configurational perspective to study how disruptive situations stimulate the
relationship between values and WTI with chatbots. We develop propositions about the theoretical mechanisms
across and within the sufficient configurations. We then discuss the implications and limitations of our study and sug-

gest opportunities for future research.

5.1 | Theoretical mechanisms across the sufficient configurations

Emotional value is often considered to have a key role in explaining customer behaviour, whether it is interacting
with digital content services (Mantyméki et al., 2020) or the purchase of festival tickets (Lee et al., 2011). Our find-
ings align with such findings, suggesting that perceived empathy is a prerequisite for customers to have a WTI with
chatbots. Customers seek positive affective experiences when interacting with human advisors (Bailey et al., 2001).
Similar to the support they receive from human advisors, customers need chatbots to empathise with their unique
needs (Cheng et al., 2022), for example, when they seek interpersonal and individualised support for managing their

finances (Eriksson & Séderberg, 2010). Thus, we suggest the following proposition (P):
P1. Customers must experience perceived empathy (i.e., emotional value) for a WTI with chatbots.

The literature also points to epistemic value as an important driver of customer behaviour in the context of

novel technologies (Hedman et al., 2019). Chatbots pique customers' curiosity (Yi et al., 2015) and increase their
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interest in interacting with chatbots. For example, they encourage exploring how chatbots' functionalities support
financial management. We argue that customers value that a chatbot enables them to solve a specific task faster or
better (Jiang et al., 2023), offers fact-based advice that is perceived as less biased than advice from human advisors
(Longoni & Cian, 2022), and provides personalised and understanding support (Lee et al., 2022). The chatbot serves
as a substitute for interaction with a human advisor, so customers prefer chatbots that offer human-like assistance
(Schanke et al., 2021). Our findings confirm that emotional, epistemic, functional, and social values benefit customer
behaviour (Mantymaiki et al., 2020), such that the identified values drive WTI with chatbots symmetrically. In other
words, customers who experience all these values have a WTI with chatbots (see fastidious customer in Figure 2), and
those who experience none have no WTI with chatbots (see rejecting customer in Figure 2). Thus, we suggest the fol-
lowing proposition:

P2. Customers have a WTI with chatbots when they experience all values (i.e., emotional, epistemic,
functional, and social values) and no WTI with chatbots when they experience none of them,

irrespective of whether they experience a disruptive situation.

While the same values apply in disruptive situations (Vazquez-Martinez et al., 2021), our findings show that dis-
ruptive situations allow customers to have a WTI with chatbots even if they do not perceive all the values. Cus-
tomers who experience disruptive situations strive to minimise their negative consequences, which may lead them
to change their behavioural patterns (Baumeister et al., 2001). For example, the COVID-19 outbreak disrupted many
customers' financial management via human advisors, making them recognise chatbots as a means to minimise the
bad consequences of the disruptive situation by interacting with them to sustain financial management. Disruptive
situations have the power to lower customers' mental threshold for when perceived values are ample, making the
relationship between values and WTI with chatbots more complex by enabling three additional, distinct pathways
for WTI with chatbots (see sensitive customer, apathetic customer, and pragmatic customer in Figure 2). Thus, disrup-
tive situations stimulate WTI with chatbots in an asymmetrical way, allowing some customers to interact with
chatbots despite a lack of specific epistemic, functional, and social values, that is, curiosity, perceived objectivity, per-
ceived personalization, or perceived anthropomorphism. We suggest the following proposition:

P3. Disruptive situations stimulate WTI with chatbots, such that customers can have a WTI with

chatbots even when they do not experience all values (i.e., epistemic, functional, and social values).

5.2 | Theoretical mechanisms within the sufficient configurations

For customers experiencing a disruptive situation, either curiosity (i.e., epistemic value) or perceived objectivity
(i.e., functional value) are irrelevant as long as they experience all other values (see sensitive customer and apathetic
customer in Figure 2). Customers prefer chatbots when seeking fact-based information because they perceive them
as less biased than human advisors (Longoni & Cian, 2022), but this specific functional value is irrelevant for sensitive
customers' WTI with chatbots in a disruptive situation as long as they value the chatbot in all other ways. They are
curious about chatbots and use the disruptive situation as an impetus to explore how chatbots can support them, for
example, in terms of financial management, irrespective of whether they believe that it provides fact-based advice.
While these insights are consistent with suggestions found in IS research that curiosity contributes to technology
use intentions (Chandra et al., 2012), the epistemic value curiosity is irrelevant for apathetic customers' WTI with
chatbots as long as they perceive all other values, including perceived objectivity. Prioritising curiosity, perceived
objectivity becomes irrelevant for sensitive customers, while it is the opposite for apathetic customers. Thus, we sug-
gest the following proposition:
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P4. Either curiosity (i.e., epistemic value) or perceived objectivity (i.e., functional value) is irrelevant to

customers' WTI with chatbots as long as they experience all other values.

Our results indicate that customers can overcome a lack of perceived anthropomorphism (i.e., social value) as
long as they experience perceived empathy (i.e., emotional value), curiosity (i.e., epistemic value), and perceived ben-
efit and objectivity (i.e., functional values) (see pragmatic customer in Figure 2). Building on the illustration that cus-
tomers prefer impartial advice (Longoni & Cian, 2022), this configuration suggests that some customers do not
perceive chatbots as human-like social actors but appreciate that they offer objective assistance. The disruptive situ-
ation caused these customers to adjust (Maier et al., 2024) and urged the need for a novel way of interaction with
organisations, such that those customers' curiosity toward novel technologies let them explore chatbots as an alter-
native way of interacting with organisations. By being curious about chatbots and experiencing them as empathetic,
beneficial, and objective, pragmatic customers substitute for the lack of perceived anthropomorphism to have a WTI
with chatbots. In line with configurational IS research theorising on substitution interdependencies (Pfligner

et al., 2024), we suggest the following proposition:

P5. Customers can compensate for the lack of perceived anthropomorphism (i.e., social value) with
perceived empathy (i.e., emotional value), curiosity (i.e., epistemic value), and perceived benefit and
perceived objectivity (i.e., functional values) to have a WTI with chatbots, irrespective of perceived

personalization.

5.3 | Theoretical implications

IS research on TCV considers values distinct and additive (Yang & Lin, 2017; Zhu et al., 2023). Thus, the more values
customers perceive, the more likely they will interact with a technology. We confirm this symmetrical understanding
of the relationship between values and behaviour, suggesting that customers who perceive all values have a WTI,
and those who perceive none have no WTI (see fastidious and rejecting customer in Figure 2). Contrary to extant IS
research on TCV, we show that the relationship between values and behaviour is more complex in disruptive situa-
tions. While customers experiencing all or no values still exhibit the same behaviour, the disruptive situation opens
paths for customers who perceive only some of the values to have a WTI with chatbots. Either perceived objectivity
or curiosity becomes irrelevant for customers' WTI with chatbots as long as they experience all remaining values (see
sensitive customer and apathetic customer in Figure 2). In addition, customers can compensate for the lack of per-
ceived anthropomorphism when they perceive other values, irrespective of perceived personalization (see pragmatic
customer in Figure 2). Thus, the configurational perspective reveals that disruptive situations enable an asymmetric
relationship between some values and WTI with chatbots, which would have been unidentifiable with a linear per-
spective (Levallet et al., 2021). Confirming the intuition that customers differ in how they weigh different values
(Zeithaml et al., 2020), our findings highlight three additional, different paths toward customers' WTI with chatbots
in disruptive situations. We, thus, provide a novel theoretical perspective on how values influence behaviour,
suggesting that a configurational perspective is needed to capture the symmetrical and asymmetrical paths that
explain behaviour.

We advance understanding of customer interactions with technologies such as chatbots, showing that disruptive
situations from the broader environment unrelated to a specific technology, such as the COVID-19 outbreak, stimu-
late WTI with chatbots. For customers who experience a disruptive situation, it acts as a catalyst, such as in consider-
ing interacting with a chatbot to sustain interactions with organisations during an epidemic outbreak. Others who do
not experience this situation as disruptive are not affected by it, highlighting that customers' perceptions of whether
a situation is disruptive determine whether and how they are influenced by it. We move from extant explanations

for technology interaction based on customers' perceptions of a technology's values (Mantyméki et al., 2020) to one
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considering disruptive situations. We propose that there are disruption-stimulated configurations of values that
explain technology interaction in combination with disruptive situations (see sensitive, pragmatic, and apathetic cus-
tomer in Figure 2) and disruption-robust configurations that explain technology interaction irrespective of disruptive
situations (see fastidious and rejecting customer in Figure 2). Connecting established value-based perspectives with a
situational perspective (Burton-Jones et al., 2015), we explain technology interactions more comprehensively by con-
sidering the influence of disruptive situations. We follow the call to consider the situational context as a boundary
condition for technology interaction (Venkatesh et al., 2016), illustrating how disruptive situations stimulate technol-
ogy interactions, as seen with the COVID-19 outbreak and WTI with chatbots.

IS research has studied curiosity as a part of cognitive absorption (Agarwal & Karahanna, 2000). We consider
curiosity as a distinct, relevant value that influences technology interaction in the context of chatbots. In doing so,
we find that customers are driven by curiosity as an epistemic value to explore the possibilities that chatbots provide
to support a specific task, such as handling financial matters. They seek to explore new or uncertain things (Kashdan
et al., 2018), so closing this information gap is an important driver for their WTI with chatbots. While curiosity is not
relevant for some customers (see apathetic customer in Figure 2), it is a driver for other customers' WTI with chatbots
(see sensitive customer and pragmatic customer in Figure 2). Drawing on TCV's insights on epistemic values (Jang
et al., 2018), we complement the picture of relevant values for technology interaction by identifying the epistemic
value of curiosity as an important driver of WTI with chatbots.

We contribute to configurational IS research by providing insights into how a configurational perspective
enables the identification of boundary conditions for complex outcomes such as customers' WTI with chatbots. Con-
figurational IS research uses methods such as fsQCA in innovative ways to develop, test, and build theory (lannacci
et al., 2022; Meier et al., 2024; Park, Fiss, & El Sawy, 2020) or to theorise about configurational moderation (Ma
et al., 2024). While configurational IS research traditionally offers rich insights into the theoretical mechanisms within
sufficient configurations to explain how conditions interact to give rise to an outcome (Park, Pavlou, & Saraf, 2020),
we show that leveraging theoretical mechanisms across sufficient configurations helps identify the boundary condi-
tions under which configurations give rise to an outcome. By distinguishing the sufficient configurations that give
rise to WTI with chatbots based on disruptive situations, we show that disruptive situations are a cause of asymme-
try. We contribute to configurational IS research by demonstrating that theorising on theoretical mechanisms across
sufficient configurations offers insights into important boundary conditions, such as disruptive situations that shape

explanations of complex outcomes.

5.4 | Practical implications

Our results offer several practical insights for organisations that intend to foster their customers' interactions with
chatbots, thereby reducing the cost of customer interactions.

Organisations should follow different strategies for promoting chatbots to address the multiple configurations
influencing how customers engage with technologies. They should address the shared values across all strategies
while at the same time focusing on the distinct values of each configuration. To maximise chatbot interactions in dis-
ruptive situations, organisations should profile customers along the identified configurations (see sensitive, apathetic,
and pragmatic customers in Figure 2), for example, by surveying customers or analysing their prior interactions with
human advisors. Based on the resulting categorization, they can ideally promote the chatbots to different customer
types. To promote chatbots to sensitive customers, organisations should demonstrate that chatbots are an efficient
and reliable alternative to human advisors that offer a similar level of personalised, empathetic assistance. To pro-
mote chatbots to apathetic customers, organisations should emphasise that chatbots combine empathetic, human-like
assistance with impartial, rule-based advice. To promote chatbots to pragmatic customers, organisations should
emphasise that customers can trust the chatbot with confidential requests they would not like to discuss with a

human advisor because the chatbot offers fact-based, unbiased, and non-judgmental assistance.
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Organisations must design empathetic chatbots that interact with customers in a way that signals understanding
and responds to their individual needs. Chatbots should demonstrate interest in customers through conversational
cues, such as explaining that customers have their individual attention and that they are committed to providing the
best possible guidance to address customers' needs.

Organisations should ensure that chatbots are beneficial to customers. For example, in the banking context, they
should provide easy and fast access to core functionalities such as managing one's finances (e.g., checking account
balances). When customers say “balance”, they could get a quick overview of a customer's bank accounts on one

screen. Organisations should consider ways to speed up features within chatbots or offer specific standalone
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chatbots that provide quick access to a particular functionality.

o
TABLE 8 Boundary conditions and future research directions. g
Boundary EE
condition Description f;v
Chatbot type o Utilitarian versus hedonic chatbots: Since we focus on chatbots for customer interaction, the %;
investigated chatbots, such as banking chatbots that support financial management, are %
inherently utilitarian. While our findings point to different functional values as drivers of WTI i;
with chatbots (i.e., perceived personalization, perceived benefit, perceived objectivity), these E
values may be less important for chatbots that serve primarily hedonic purposes. ;5
e Auvailability of Alternatives: We do not consider the availability of alternatives, such as self-service ED
IS (Saeed & Abdinnour, 2013). Future research could contrast how the influence of disruptive ;
situations on customers' WTI with chatbots differs depending on the availability of alternatives. §
e Chatbot technology: We do not distinguish between rule-based and generative Al chatbots. g‘?
Future research should study how customers' interactions differ based on the chatbot g
technology. 2
Customer e Age: Most interviewees and survey participants of this study are younger than 60, so our §
findings are particularly relevant for the WTI with chatbots of younger and middle-aged §
customers. Since research shows that customers from the age of 60 process information slower E
and interact with technology less performant (Tams, 2022), older customers might value :
chatbots less and may be more reluctant in terms of WTI with chatbots. Purposefully sampling
older participants to explore age as a boundary condition allows for further contextualising of 2
explanations for WTI with chatbots. &
o Individual differences: Some users might be predisposed to perceiving a specific situation as
disruptive, so future research should investigate whether individual differences influence the
perception of disruptive situations. >
Disruptive o Different types: We focus on disruptive situations as discontinuities from the broader
situation environment (Morgeson et al., 2015). A promising direction for future research is to drill down

into how different types of disruptive situations stimulate technology interaction to shed more
light on the interplay between disruptive situations and values (Meier et al., 2022).

e Temporality: We do not consider the temporality of disruptive situations. Since disruptive
situations could diminish after a while, for example, because customers get used to a situation
and perceive it as less disruptive, some customers might stop interacting with chatbots again.
Future research could explore the temporality of disruptive situations, that is, whether the
influence of disruptive situations diminishes after a while and whether the induced WTI with
chatbots is persistent or temporary.

o Physiological factors: We focus on established self-reported measures of disruptive situations.
Future work should contrast these self-reported measures with customers' physiological arousal
to measure disruptive situations (Ortiz de Guinea & Webster, 2013).

e Organisational context: In addition to the literature on behaviour, a rich body of research offers
insights into how innovations can disrupt organisations (Christensen et al., 2018). Connecting
such work to the understanding of disruptive situations from the broader environment brought
forward in this study offers avenues for exploring how disruptive situations from the broader
environment shape organisations.
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Disruptive situations in the broader environment can create opportunities to encourage customers to interact
with chatbots that have not realised their potential. We illustrated how a situation that disrupts the way customers
handle their financial matters creates an opportunity for banks to promote chatbots as a reliable and convenient way
to manage finances. Chatbots can be designed and positioned as IS that help customers manage and respond to dis-
ruptive situations (Mendonca, 2007). When disruptive situations occur, we encourage managers to consider how

they can educate customers on how to take full advantage of the technologies they offer.

5.5 | Limitations and future research

This research has limitations. We explain the situational context as one important boundary condition for WTI with
chatbots in detail (i.e., disruptive situation vs. no disruptive situation) and expect our findings to be robust within the
boundary conditions of the investigated chatbot type (i.e., chatbots used for customer interaction), interviewed and
surveyed customers (i.e., young to middle-aged customers), and studied disruptive situations (i.e., disruptive situa-
tions stemming from the broader environment that affect customers' usual way of interacting with an organisation).
A closer look at the different potential manifestations of these boundary conditions, also called scope conditions

(Goertz & Mahoney, 2013), reveals future research directions worth exploring (see Table 8).

6 | CONCLUSION

Motivated by a desire to understand why the COVID-19 outbreak triggered growth in chatbot interactions, we
investigated how disruptive situations stimulate the relationship between values and the WTI with chatbots.
We draw from TCV to conduct a two-step empirical approach based on qualitative interviews and a scenario-based
study in combination with fSQCA. The findings reveal three disruption-stimulated configurations and two disruption-
robust configurations that explain WTI with chatbots. We extend the IS literature by uncovering how configurations
of values influence WTI with chatbots, explaining that and how disruptive situations stimulate technology interac-
tion, and illuminating the values that explain WTI with chatbots. We encourage future research that further con-

textualises our work against a backdrop of different disruptive situations.
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APPENDIX A: LITERATURE REVIEWS

We conducted a descriptive literature review (Paré et al., 2015) to get an overview of extant knowledge on chatbot
interaction. We reviewed literature from eleven major IS research journals (Lowry et al., 2013) and additionally
included Business & Information Systems Engineering, Internet Research, and Computers in Human Behaviour to
capture emerging IS research topics. We used the Web of Science Database with the keyword “chatbot” for our lit-
erature search and included articles published between 1980 and 2023. We included articles focusing on chatbot
interactions from an individual perspective and extracted the studied factors that influence chatbot interaction, the
studied outcome, and the used theoretical lens (see Table A1).

We conducted a critical literature review (Paré et al., 2015) to determine how leveraging the key insights from
TCV can advance IS research. We reviewed research using TCV from eleven major IS research journals (Lowry
et al.,, 2013), again including Business & Information Systems Engineering, Internet Research, and Computers in
Human Behaviour. We searched the Web of Science Database using the search string (“theory of consumption
values” OR “customer value theory”) and included articles published between 1980 and 2023. We critically assessed
which values the articles included in their analyses, which outcome they studied, and which of TCV's key insights

they used to understand technology interaction (see Table A2).

:sdny) suonIpuo)) pue sud [ Ay S “[$70Z/01/10] U0 Areiqr auruQ) Ad[1A ‘Sroquieg yoylorqiqsiensiaatun) Aq L0SZ 1811 [ 11°01/10p/wod Aaim Areiqiiaur[uoy/:sdny woij papeo[umod ‘s 70T ‘SLSTSIET

-Kojia:

QSURDI'T SuOWWO)) dANEa1)) [qeat[dde oyl £q pauIaA0S a1e SOILE V() ‘asn Jo s 10} A1eIqr] aurjuQ Ad[IA\ U0


mailto:jason.thatcher@gmail.com
mailto:tim.weitzel@uni-bamberg.de
https://doi.org/10.1111/isj.12507

13652575, 2024, 5, Downloaded from https://onlinelibrary.wiley.com/doi/10.1

WILEY_|

MEIER ET AL

(senunuo))

Aioayy
uone|oIA uoneldadxs
‘Aoay} asuodsal |e1d0s

|opow asuodsau
-wisiuedio-sninwng

A1oay 314 aAIUS0D

AJOay3} ssaulednjeu eIpajnl

/

Sudj [e2132109Y |

joceyd e 0}
uJn3aJ 03 uopUSUI
[ednoiAeY3q ‘SPNIRY

uonuAUl 3N

2oUe)sISal ‘euelRy

1104J9 UoISIdap
paAIdJad ‘Ajljenb
UoISID9P PaAISdISd

IV yim
jJuswadedua Jasn

10443 aAIIUS0d
‘snJ3 ‘Awouoiny

Auedwod ay3 y3m
uonoejsijes pue
uo[303UU0d [eUOIIOW]

[awodnQ

ck Bamberg, Wiley Online Library on [01

sand Ajljuspl uewny

‘an3ojelp paAladad ‘Ajlydowoy

paAIa24ad ‘9ouasaid [enos
‘wsiydiowodouyjue paAladsad :|enos

Aduaduijuod paaidiad
‘AJIAI30BIS)UI 93BSSaW :|euoijouny

2oualIadxa J0g3eYd Y}
9ouasaud [e1doS :[e1dos
aw} asuodsal :[euol3duny

loqieyd sy}

40 24nso|sIp ‘A3xajdwod ysey LBY3O
1SNJ3 ‘SSaU|pPuUdLY

‘Ayredwa paalsdsad :jeuoljowy

yse3 Suiddoys Y30
9]A1S UOIEDIUNWIWOD :|eID0S
Axa)1dwod ysey
paAIdaad ‘1) 9AIIUS0D paAledad
‘92ueping |euoisidap :jeuoijouny

Aduajadwod |euojows |y :leuoijow]
Aduajadwod aARIU30 |y :[euol}dung

[9A3] |043U0D :Jeuoidouny

wsiydiowodouyjue
sso|pulw ‘wsiydiowodouayjue
|nJpuiw ‘92ussaud |eldos :|enos

s1030e) SupuaN[U|

10/2024]. See the Terms and Conditions.

"J0qjeyd e 03 UIN3aJ O} UOIJUUI [ednoIABYS(
pue apnjijje aseatoul andojelp paAldiad pue ‘Ajiydowoy
paAIadJad ‘9ouasaud |edos *an3ojelp paAledsad
pue ‘Acuaduiuod paAladsad ‘Ajlydowoy paaladtad
‘90uasald |e1D0s sasealdul AjAIoeIajul 98essawl YSiH

"UOIjUdIUI 3SN SSERIDU| ddUdSaId [B1D0S
*S19SN PadualIadxa J10) }I SISEAUISP NG SIS 3IA0U
104 92Uasa.d [ID0S S9SERIOUI dWI) dSUOASI paAejap

'SUOI}DBIDIUI 24NN Ul S}OgIeyd
0} 92UB)SISDJ SY} SISEAIIDP pPUE SJ0GIeYD U0 ddUe||D4
93 S95B9J0Ul 3SNJ] "ISNJ} PUB SSIUI|PUSLY USIMID]
diysuoiiejal ayj sajesapow AjpARIsod 31 ‘}sejuod u|
'JsnJ3 pue Ayjedws usamiaq diysuoljejal ay3 sajesspowl
AjaA13ES3U J0q31BYD Paseq-3xa} Sy} JO 3Insodsiq
*JSNJ} puUB SSaUl|pually Usamiaq diysuoijeja. ayi
sajesapow AjpAne3au AJxa|dwod yse] 3snuj asusnjul
s3003eyd Jo ssauljpualy pue Ayyedwsa jo suoizdadiad

J04JD UOISIDBp PaAISdJISd pue Alljenb uolisiap paAladsad

33 S9SE3UdUI J1J SAIHUS0D PSAISIIS “UOIIEDIUNWWOD

Ajpuaiy pue aoueping aA13sa83ns yjim way3 apiaoad
sjoq1eyd Ji 114 9AINU30D Jay3ly e aAI921ad S1swoisn)

IV Ym Juswadedua

19sn 9duanfjul Jou ssop Aduajadwod jeuopielal |y

‘[ Ul 3snJ3 4asn y3noay3 pue Aj3oaaip | YIM juswade3ud
195N 9se3J0Ul $319U9}2dW o) [EUOIIOWS pue SAINUS0D |y

*1104J9 9AIHUS0D Suiseasdu| 30U [IYM SJ0gieyd ul 3sniy
pue Awouojne aseatdul S30g3eyd JSA0 S|9AS| [043U0d JSYSIH
*Auedwod ay3 Y3Im uoi}dauuod
|euoiows ay3 aseasdu) sand djydiowodosyjuy
's3003eyd 3jI|-aulydew ueyy wsiydiowodoiyjue
JO S|9A3] J2YSIY YHM pajeldosse ale sjogieyd ai|-uewny

Suipuyy Jofey

d on Wiley Online Library for rules of use; OA articles are governed by the applicable Creative Commons License

(610 “tepuns 13 09)

(zzoz “le 1@
UYonmauo)

(czoz “Ie 19 3uayd)

(T2oz “le 32 usyd)

(zzoz "le1e
eJpueyD)

(¢20T “Ie 32 »juag)

(810€ ‘olneuy)

ERITEYETEN|

"SUOIOBIDIUI JOGIEYD UO S3IpN3s G| dAiRejuasalday Ty 319V.L



13652575, 2024, 5, Downloaded from https://onlinelibrary.wiley.com/doi/10.1

MEIER T AL

9 | WILEY

Aioayy 31} ASojouydal-yse]

Aioayy
98ueydxa 921nosal
‘Adoay) aSueyodxa |e1os

A1oay} asuodsau [e100g

Aioayy
uoiIe|oIA uoljeydadxy

sud| [ea13a103Y |

sy

uonuajul aseydind
‘wniwaJid 921d

uonjuaul
95UENUIUOD

(A3uejoud ‘ssauyou
AJejngedon)
9]A1s uonesIUNWWOo)

uoljoeysijes
‘Ayijenb ad1Au98

jJuswasedua
|euo1}eSISAUOD

awo2NQ

ck Bamberg, Wiley Online Library on [01

asuodsal paJojie} ‘aouasaud
[B1D0S ‘s9Nd YI|-uewny :|e1os
9oualadwod
3uInj0S-)se) paAladsad :[euol}dund

juswaseSus
e|paw [BID0S ‘UOIId.ISIIES (BYIO
2U0} [BUOIIESISAUOD :|BID0S
ssauaAIsuodsal :jeuoi3ouny

J0qieyd 3y} p4emoy spniijie LsYyio
sand aden3ue| pue
su3is SuLieys |erd0s ‘sand aduapaud
|BI120S ‘SN2 AJIAI}DRISIUI [BIDOS :[BID0S
|esno.e [euoijows :jeuoljowy

uofjejualio wou diysuorejas
‘UOI1BWIIJUODSIP-UOI}e}adXd HUaYI0

uoows

3AI}ISOd SI9WO03SND ‘UOIIOWD
aAI}Isod passaidxa-|y :[euoowy

UOI}E|0IA UOI3e1dadXd
‘uilas uopedadxa 1ayl0
Aylliqeded
|V [BUOIFESISAUOD :|EUOI}OUNS

sJ0}oey Supuanu|

10/2024]. See the Terms and Conditions.

"JSNJ} 9seadul

92ua3adwod 3UIA|0S-)Se} paAIadJIad pue aduasald

|e120g "95ua3adwod 3UlA|0S-)Se} paAladLad pue douasald
|e100S 9seaJdu| sasuodsal paJo|ie} pue sand axij-uewnyH

‘uonualul aseyaund pue wnjwaid

9o1ud sasealdul uing ul yoiym ‘quswase3us elpawl |e1nos

,S1aW03SND $3SBAIDUI UOIJORJSIIES J0G3eYD) "UOIJOR)SIIes
10Q3eyd 9Sea.dU| SUO) |BUOIJESIDIAUOD PUB SSUDAISUOASDY

"UOIUS3UI ddUENUIIUOD SuiseaJdul Jogieyd Yyoajuly

33 pJEMO) SPNJIIe SISEIIDU| [BSNOJE [BUOIJOWT ‘|esnole

|euorzows aseasdul sand a3en3ue| pue sudis 3uleys
|EID0S pUE ‘S9N 32USPAID [BIDOS ‘SEND A}AIIBISIUL [1D0S

‘Ajluejoud Ja3ea.3 1qIyxa

pUE SUOI}ESISAUOD UBWINY-03}-Uewny woJj Alejngedon

JO SSaUYDI 3Y3 32| S30g3IeYd YHM SUOIIESISAUOD

‘suewiny 03 paJedwod sa8essawl 19340Ys Y)Mm Ing
suoljelnp Ja8uoj 4104 S30gIeYd YHM 33eDIUNWWIOD SUewWnH

‘uoljeuLIJUoDSIp-Uol3e}dadxa pue
uonowa aAIHsod passaidxa-|y usamiaq diysuoiielas ayy
S9}EJOPOW (SIOWOISND PJUSLI0-IZUBYIXS “SA SIDWO)SND

PajUSLIO-[EUNWILIOD “°]) UOIFEIUBIIO WioU diysuoie|a.
,$J2WO0ISND "UOIdBISIIES pUE A}l[END SDIAIDS SISEDIDDP
UOIjeULIJUODSIP-UOI1e}0adXa pue ‘Uo[Ioe)SIFeS pue
A}llenb 921A49s S9SEIOU] UOIFOWS dA[}SOd S JaWoIsn)
"UOIJEWIJUODSIP-UOI}E}DadXS puE UoIjowa dAI}Isod

S, JaWO03SND S9SEDJOU| UOIOWS dAINSOd passaldxa-|y

‘papaadxa
9J9M SUO[1e1290Xd SSOYM SIW0ISNI J0) dANIsod
aJow S| 31 18y} YdNS ‘UOIIE[OIA UO11edadXd Aq pajelapow
s| diysuone|a. ay | ‘juswasesus |BUOIJESISAUOD
,S12WO03sNd sasealdoul Ajigeded [eUOI}ESISAUOD

Sutpuy Jofey

(penuguo)

d on Wiley Online Library for rules of use; OA articles are governed by the applicable Creative Commons License

(€20Z “Ie 19 Buelr)

(20T “|e 32 Suel)

(czoz @97
R 3uenH)

(STOT “e 33 |IH)

(c20oz “le 3o uen)

(TZ0T “|e 32 sswl9)

ERITEYETEN|

Tvilavi



13652575, 2024, 5, Downloaded from https://onlinelibrary.wiley.com/doi/10.1

WILEY-_|

MEIER ET AL

(senunuo))

AJO3Y} UOIJEUIWLI)BP-J|9S

WI93SAS

3uissado.d aA3da)se

-9AIIu80) ‘siojoe
|e1d0os aJe siandwo)

|[9POW SS320NS UOljewolu]

Aioay3 Joddns [epog

A1oayy 9ouasaud [eos

Sud| [e2132109Y |

(98en3ue| saAIsuayjo
pue Ajuejoud)
9JA}S uoIEIIUNWWOD

uoloeysijes
Wwd3sAs ‘uoljoeysijes

2oUBWIO0HDd

ck Bamberg, Wiley Online Library on [01

A30|09
SSOU|I|-UBWNY paAIRdIad :|e1nos

10/2024]. See the Terms and Conditions.

B2IS U3YIO

Awouoine paaediad syl
9oua3adwod paAlddIad

2INSoJdSIpP-J|3S

uoljesjuesio ayy
Ul 3SNJ3 QUSWISIAUL

|euolje[a4 panladIad

uonuUl

3sn ‘uoloeysies

uonuajul aseydand

‘JUSWIYIEHE DALY

ouaLRdxa
3uiddoys ay3 yum
uojjoejsies ‘yinow
JO pJom ‘uoijuajul

aseydund ‘gsnJ |

‘40443 SAIHUSOO :Jeuoiouny

ssauuewny paAladJad :Jenog

swiy asuodsal

‘SS9U33|dWOD ‘92UBAS[3. (leuoiIduN

Ayredwa

‘9ouelnsse ‘aunsea|d :[euoizowy

uoloeJiie [e|dos :|e1os
oddns uoljew.ojul ;jeuoi;duny

Joddns

Wa9)$3 ‘A}|IGIpaJd [BUOIIOWD

awodno

‘Moddns |euoijows :jeuoijowd

9ouasaud

le1nos ‘wsiydiowodolyjue :[e1nog

s1032ej Suppuanju|

30q1eyd e y3im Suijoelajul uaym a3en3ue| dAISUDJO pue
Alluejoud Jo asn ay1 adusn|jul S10g1eyd JO ssaujijuewny
PaAI92.13d Sy pue wsi|eapl JO UOIIeJUSLIO [ed1yld S9SN

‘uoljoeysiies WaisAs

pue uo[joejsiies aduewloiad sasealdul 3dua3dwod

POAI22Ia "UOIIOEYSIIES WIR)SAS puE 9du3edwod

paAlaad SasEI09P 10442 dARIUS0D) "duewopad Jiay}

YHM uoidejsiies pue aoua3adwod J1ay} Jo suondadiad
,SJ2WO03SND S3sE3DUI S}0GIeYD JO Awouoine paAdlad ay |

'sjoqieyd o3 pasedwod
suewny Ym Suijoesajul uUsym sainglizje uoiesiuniwiod
pue sjies} Ajljeuosiad Juaiayip S3esISUOWap SISM

‘uoljesiues.io ayj Ul 3SnJ} pue JUSWISIAUI [BUOIIE[a
paAIRIad sasealdul (9oussaud |eos ‘wsiydiowodoayjue
‘9210A UBWINY [BUOIIBSISAUOD “9°l) SSSUUBWINY PAAIDIISd

‘3uoy| SuoH ul

J0U 3Nq BUIYD PUBJUIB|A Ul UOIIDBSIFES dsealdul Ayredws

pue swi} asuodsay "uolzuAUl SN J0gIeYd Saseadul

UOI32BJSIIEeS "S}0gIeYd PSJUSLIO-3SE} UHM UOIde)Sijes
95B3.0U| d0UeINSSE pue ‘ainsedld ‘ssaua3a|dwod ‘9dUBA3|DY

‘uoluUI seydand pue Juswiydelie dAIIS4e

9s5eaJdul All|IqIpald pue uolldellle [edos "A|iqIpald

Jeuonows pue uoljdeJlie [e10s asealdul 1oddns
wi993s9 pue ‘poddns |euoljewloyul ‘poddns jeuorjow]

*90uasald [e120s y3noayy souaiadxa
Suiddoys ay3 y3m uoI3dBYSIIES PUE ‘YINOW JO PIOM
‘uonualul aseyaund snuy saseasoul wsiydiowodoayuy

Suipuyy Jofey

(PanuRuoD)

d on Wiley Online Library for rules of use; OA articles are governed by the applicable Creative Commons License

(T2oz “Ie 32 ied)

(czoz “e 1@
uaAn3N)

(£10T ‘nX 3 NOW)

(¢zoz “le3o )

(ezoz “le 32 niN)

(czoz “le 1 997)

(€zoz “le 1
yoequineg-eAuoy|)

ERIEYETEN|

Tvilavi



13652575, 2024, 5, Downloaded from https://onlinelibrary.wiley.com/doi/10.1

MEIER T AL

2 | WILEY

A103y3 9oussaud [enos

Aloay
uondada |euostadiaju|

Aioayy 9|04

|eI20S ‘|[9pow d13ewaIsAs

-211s1N3y ‘[apow
pooytsXl| uoieloqe|3

/

suj [esa13a109Y |

30U3|eA [EUOIIOWT

(quswa3e3us
Jauyied)

wsiydiowodoayjue

Ssa|pulw
‘(sssuuewny
paAla2Jad)

wsiydiowodouyjue

INJPUIN

suoije}say
‘Aouaje| asuodsay

(say3od pasn jo

3U1[|9S) UOISISAUOD

uoidesuel |

1onpoud
€ pJ1eMO} Spniny

juswyoee
‘uoioesayul
[e100s 30q3eyD

awodnQ

ck Bamberg, Wiley Online Library on [01

1SnJ] elpaw 1ay10
uonjezijeuossad
‘Adeandoe ‘Adusiedsuel) paatedsad
‘AJlj1gBIUNOd2. PaAIadJad :[euoldung
1snJ3 dlwyioge
‘ssauliey paAladiad :[euoinowy

1D}S [EUOIIESIDAUOD :[EID0S

1S |EUOIIESISAUOD :[e1D0S

wsiydiowodouyjue paaiadiad :jenos

(puatiy
‘SA JUBJSISSE) 9]0J |BID0S :|eld0s
uoljezijeuosad :jeuorpun4

uoleAljow BYI0
wsiydiowodouyjue :jeros
AjdR3UayIne jeuoijoung

s1030e) SuUAN[U|

10/2024]. See the Terms and Conditions.

‘uoljezijeuostad pue Adeindoe
43n0Jy) 9DUSeA [BUOIIOWS SDUBNUI 1SN DIWLYILIOS|Y

"JSNJ3 DIWYRLIOS[e SdUdNJJUI ISNUY BIPSW pue ‘Adusiedsuesy

panIadJad ‘AjijigeIunodde paAladiad ‘Ssaulie) paAIadIad
‘SMAU Jogieyd aA1edJad Aayy
MOY pue S10q3eyd YlM JOBISJUI SISSN MOY SadUaN|Jul
SUOI2EJR)UI J0GIEYD JO IXIIUOD |BID0S pue [edn3nd 3y |

‘Juawa8edua

Jaupsed pue ssauuewny paAladJad asuanjjul ‘9ouasald

|e120s yHm Jay3a803 ‘AjalieA asuodsal pue sasuodsal
paJojie} JO SWd) Ul 30GIeYD € JO S||S [eUOIIBSISAUOD BY |

"9AI929P SJ2W0ISND UaYM Aduaje| asuodsal aSeuew
03 JnolAeyaq 21393e43s 9sealdul sasuodsal palojie]
*Adua)e| 9suodsal S9sea.dUl ||IXS [eUOIIESISAUOD padueyu]

"UOISI9AUOD UOI}DBSUEL) S9SERIOU (90Usaud [e120s ‘SAe[ap
uol3EDIUNWIWOD “Inowny “a°1) wisiydiowodoiyjue paAiadIad

"puaLy e Jo 30U

3y} Yyum s30q1eyd Joj Jays1y si 3onpodd e piemoy apniipie

ay] "1onpoud e pJemoy sapniizie Suipjing asuanjjul
(PUSLJ "SA JUBISISSE) S|0J [BIDOS PUE UOI}eZI|euosiad

*(Uny 104 31 BUISN "SA SPaau [0S AJsijes 03 30q3eyd

e Suisn “§'3) uoleAl;oW AQ PaleIapOW JUSWYDE]IE

d on Wiley Online Library for rules of use; OA articles are governed by the applicable Creative Commons License

(czoz “Ie 32 uys)

(ozoz “le e
J13|239nYdS)

(610 “IB 32
J19)239NYd3)

(Tzoz “le 1w
Nueyas)

(020Z ‘104D 3 32YY)

$95E2JOUI UOIDeIS]UI [BID0S J0GIBYD "UOIIDRISIUI [BID0S (€z0Z “le 30
10q1eYd aseatdul Aldnuayine pue wsiydiowodoiyiuy eunuad)
Suipuy Jole|y ERIEIETEN]
(penupuod) TV 319VL



d on Wiley Online Library for rules of use; OA articles are governed by the applicable Creative Commons License

thek Bamberg, Wiley Online Library on [01/10/2024]. See the Terms and Conditions

.12507 by Universitatsbibl

13652575, 2024, 5, Downloaded from https://onlinelibrary.wiley.com/doi/10.1

WILEY_| %%

(0cpeyd
a3y} Aq paiayo

1onpoud sy SuiAng ‘suouaul
10 pooy1ax1|) 9ouejdasoe adessaw 93euoJied saseatoul adueldadoe a3essa|n ‘oouejdasde (610Z “IB1®
/ uoljuajul a3euouied ‘SSOUDAISNIIUI paAIRdIRd UBYIO 93esSaW S95EUI9P SJ0gIeYD JO SSBUDAISNIIUI PIAIDIIDY 529049 USpP UEA)
'Ssow023n0 3uiseydind pue sjoqieyd
yum juswadedus Jasn spoedwl AjpAsod Ajljeuosiad
Ajljeuosiad anoiaeyaq 10qg3eyd yum Ajljeuostad uasn 3uiydie|n "Ayljeuosiad e
JO [9pow 103o.-dAl) uiseydaund awinsse 0} pajejndiuew aq ued S}j0gqieyd pue ‘suoijoelajul (1Z0T ‘uosuyor
‘Aoay} uoljoele Ajuejiwig ‘quawasdedus joqieyd Ajjeuosiad joqieyd usyzo |en3xa3uo0d yim pajdipatd aq ued Ajjjeuosiad Jasn Q AouBWNYS)
Suipuyy Joley ERIEIETEN]

su3| [ed132103Y | awodInQ s1032€) SuPUAN|U|

(penunuod) TV 314VL

MEIER ET AL.



13652575, 2024, 5, Downloaded from https://onlinelibrary.wiley.com/doi/10.1

MEIER T AL

4 | WILEY

(£10€ ‘Ui 3 8uep)

(€T0T ‘Bwieys
3 U3yD)

(TT0CZ "l 32
wiy *M-"H)

(oTOZ “le 32 [24nL)

(ezoT “le 3@ NYz)

(8T0CT 8Ual)

(TTOC 991
3 4ed ‘M-'9)

(ozoz “le1e
DewAuB|N)

ERITEYEYEN|

"pasn jJoN

pasn jJOoN

"pasn JoN

‘Poshn JON

‘pasn JON

‘Poshn JON

‘pasn 10N

‘pPasn JON
usisul
Aoy g

"pasn jJoN

pasn jJON

"pasn joN

‘pasn 0N

‘pasn JON

‘pasn 0N

‘pasn J0N

‘Pasn JO0N
usisul
IS4

ck Bamberg, Wiley Online Library on [01/10/2024]. See the Terms and Conditions

‘pasn A|in4

pasn Ajn4

‘pasn Ajin4

‘pasn A|In4

‘pasn AjIn4

‘pasn Ajin4

‘pasn A|in4

‘pasn Ajin4

usisul
ICNR

UO[3U33Ul 3SN SNONUIIUOD)

Uo[3U3jUl 3SN SNONUIIUOD)

uonua3ul aseydand swiay [e3SIg
uopuaUl
YINOW-JO-pIOoM SA[3ISOd ‘UoiIUSIUL 3N

uonuaul 3sn

AjjeAo| Jowen)

uopualul aseyaund wayl swes

uonuajul wnjwa.d
ulelad ‘uorualul winjwaid o3 apessdn

awod1nQo

d on Wiley Online Library for rules of use; OA articles are governed by the applicable Creative Commons License

(A12A0u paaladlad) anjeA olwalside
‘(ssaulnjAeld paAladsad ‘uoliexelal

paAiz2Jad) anjeA [euoiows ‘(dduUeujulew
diysuorjeja. [e1d0s ‘uoiieald diysuoije|al

[BI20S) BN[EA [B120S (JJoUd] pPaAIdIad

‘9DUBJUSAUOD paAIadJad) anjeA [euoljouny

(>{S1) anfeA |euopuod ‘(JuswAolua)
anjeA |euojows ‘(8ulules)) anjea
o1WI3sida ‘(98ewl [B1D0S) aN|eA |e1nos
‘(Juswadeuew 10M3au) SNjeA [euolduny
(Moddns
diysuoijejau |e1nos ‘uoissaidxs aSew
-J|9S |e120s) anjeA [e120s ‘(ssaulnjAeld
‘s2119Y159€) an|eA [euoljows ‘(Ajjenb
Jeuonouny ‘AJ1jan 92ud) anjeA jeuonoun
Asuow Joj anjeA ‘anjeA ssaujnjAeld
‘anjeA |e1d0s ‘anjeA |eadde |edisnw/|ensiA

(uo13IpPUOD) 3NJEA [BUOI}IPUOD

‘(Uoi3el| I ‘UOIOeIRIUI [B1D0S) SN|EA [e120S

‘(8uuuea)) anjeA o1wajsida ‘(JuawAofua)
anjeA |euoljows ‘(yyeay |esauad
‘@oueseadde |edisAyd) sanjeA jeuoijdund

Asuow

J0J 3N|EA ‘DN|eA [eNSIA-OIpNE ‘DNjeA [eID0S

‘QuawAofua ‘wsidedss ‘AjjpAou ‘Bululea
anjea
Alejauow ‘OnjeA AjLIoyine [ensiA ‘Onjea
Aduajadwod Jajdeleyd ‘anjeA juswaAolul

(3ua3u0d Mau Jo

AJaA02sIp) anjeA djwaisida ‘(AlIAIID3UU0D

|e120S) anjeA [e1dos ‘(Aunbign) anjea
[euoi3doUNy ‘(JUSWAO[US) anjeA [euoijow]

sanjep

(SNS) saus
3upjIoMIdBU [B1D0S

syejopne
[en81p d1uopaH

sdde
SSaullj pue yjesH

3ujwen

SIDIAIBS
Juaju00 [eNSI

IXaju0)

"ADL 8uisn saipnys G| aAnejudsaIdey  ZW 319V L



13652575, 2024, 5, Downloaded from https://onlinelibrary.wiley.com/doi/10.1

WILEY_| %%

(STOCT ‘oles
3 DlewAjueln) ‘pasn 10N

(ocoz “le 1@
997 .I..wv ‘pPasn JON
ERIIEVETEY| JYy3isul
Aoy ¢

MEIER ET AL.

ck Bamberg, Wiley Online Library on [01/10/2024]. See the Terms and Conditions

d on Wiley Online Library for rules of use; OA articles are governed by the applicable Creative Commons License

“INOIABYS( 19y} JO} SUIUOSE] JUSISH4IP MO||O4 SISWOISND pue “UNOIABYS] 0} 9INGLIU0D A]9AI}I3]|0D sanjeA Jeyy s3sa88ns Jysisul AaY pAiy3 syl

"pasn JoN

‘pPasn JO0N
usisul
Aoy 'z

‘pasn A|in4

‘pasn Ajin4
HYSisul
Aoy T

(921A49S 343 yHM Juswade3us

“8'9) anjeA |euoijowa pue ‘{(junodde

wnjwaud e y3noayy Juswadueyus snieys

“8'9) an|eA |e1d0s ‘(92eds [BNMIA 9SILIOISND

03 SW3}| [ENMIA YHM UOI}eI0d3p

“8'9) an|eA |euoi3ouny (junodde Jasn

2Jiseq ay3 Jo aoualiadxa ajenbapeu “8-9)

an[eA 21wajsida {(junodde Jasn wnjwaid

Suiseyound |enjIA

(BuI18 SNS Jo aunses|d)

anjeA [euoijows ‘(3uni3 SNS Jo poddns

diysuoijeau) anjeA |e120s ‘(ssaulies

9214d 118) anjeA Atejsuow ‘(uiyid

uonuaul UIS SNS

awod1nQo sonjep

€ WoJj s}yauaq “8'a) Asuow Joj anjep

SNS JO 9DUSJUSAUOD) SNJeA [euo}dun

“JNOIABYS(| WIOJ SaNJEA MOY 93e|NWI3S suoljen)is Jo suoipdadiad s1awoisnd Jeyy s3s988ns JySisul Aoy puodas sy “INOIABYSQ SdUSN|UI SIN|BA JUBIBHIP Jey) S3Sa88Ns Jysisul A3y 1SI1y 9y,

(MAS)

PJHOM [ENUIA [EID0S

IXaju0)

cv 3ilavi



1616 WI LEY MEIER T AL

APPENDIX B: QUALITATIVE STUDY

B.1. | Q-sorting approach

To validate the assignment of the values of perceived empathy, curiosity, perceived personalization, perceived benefit,
perceived objectivity, and perceived anthropomorphism to the TCV categories of emotional, epistemic, functional, and
social value, we conducted a Q-sorting approach, which is commonly used in IS research (MacKenzie &
Podsakoff., 2011). We recruited 18 participants who were familiar with chatbots. One of the participants had a bach-
elor's degree, 16 had a master's degree, and one had a PhD degree. The participants were presented with the defini-
tion of the four value types (see Table 1) and a definition with two sample items for each identified value (see
Table 4). Based on the definitions and sample items, they assigned each value to one value type. We then used their
assignment to calculate the hit rate (Landis & Koch, 1977; Nahm et al., 2002), which indicates the extent to which a
value was categorised into the correct value type. We calculated the hit rate for each identified value by dividing the
number of correct placements to a value type by the total placements. The hit rates of the values range from 0.61 to

0.83 (see Table B2), indicating that each value was correctly assigned to a value type with more than 60 percent.

TABLE B1 |Interview guideline.

Section Description
Opening e Introduction of the interviewer
Introduction e Explanation of the interview procedure

e Banking chatbots
Are you familiar with chatbots in general?
Are you familiar with banking chatbots?
Does your bank offer a banking chatbot?
Have you ever interacted with a banking chatbot?
Which functionalities of the banking chatbot do you use?

Key questions o What are the reasons that make you consider interacting with a banking chatbot?
e Please describe the reasons in as much detail as possible. (“Laddering”)
e Did the COVID-19 outbreak influence how you handle financial matters?

Closing e Collecting personal information about the interviewees (age, biological sex, profession)
o Ask for further potential interviewees (“Snowballing”)

TABLE B2 Q-sorting approach.

Emotional Epistemic Functional Social No or other

value value value Value assignment
Perceived empathy 0.83 - - - 0.17
Curiosity = 0.83 = = 0.17
Perceived personalization - - 0.67 - 0.33
Perceived benefit = = 0.83 = 0.17
Perceived objectivity - - 0.83 - 0.17
Perceived = = = 0.61 0.39

anthropomorphism

Note: Numbers in bold indicate that the hit rate is above 61%, which means the categorization is valid.
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TABLE B3 Validation of qualitative findings.

Category of
validity Validation
Design validity We ensured descriptive validity with a detailed description of the research process.
We ensured credibility and transparency with a sufficiently large sample (Sarker et al., 2013).
We ensured transferability by drawing on an established theory.
Analytical We ensured plausibility and theoretical validity by grounding the interview structure on the TCV
validity (Sheth et al., 1991).
We left room for unforeseen questions while at the same time preserving consistency within the
structure by following a semi-structured approach.
Inferential We mirrored answers to the participants to ensure a correct understanding of descriptions and
validity greater interpretative validity.

We grounded the coding based on answers by applying descriptive and interpretive coding
(Myers, 2019).

Note: Design validity describes the extent to which a qualitative study was well designed and performed, ensuring that the
findings are credible and transferable. Analytical validity describes the extent to which qualitative data were well collected
and analysed, ensuring that the findings are dependable, consistent, and plausible. Inferential validity describes the quality
of interpretation, reflecting the extent to which others can confirm or corroborate the findings (Venkatesh et al., 2013).

Since all values have a hit rate of at least 61 percent (Tarafdar et al., 2020), we concluded that the assignment of

values to the categorizations is valid.

APPENDIX C: QUANTITATIVE STUDY

Scenario A: The COVID-19 outbreak as a disruptive situation for handling financial matters. You go to the bank
every week to manage your finances. You always consult your personal advisor at the bank, who assists you with
various tasks, such as checking your account balance and making money transfers. When the COVID-19 pandemic
broke out, you limited direct contact with other people as much as possible to protect yourself and others from
catching the virus. Since you do not want to go to the bank to consult your personal advisor, the pandemic outbreak
makes it essential for you to find a way to manage your finances. It severely affects how you usually handle financial
matters because you can no longer rely on assistance from your personal bank advisor. As a result, you do not know
how to respond to this situation regarding handling financial matters.

Scenario B: The COVID-19 outbreak as no disruptive situation for handling financial matters. You handle your
financial matters by yourself without assistance from a personal bank advisor. To accomplish various tasks such as
checking your account balance or making money transfers, you prefer using your bank's online services. When the
COVID-19 pandemic broke out, you limited direct contact with other people as much as possible to protect yourself
and others from catching the virus. Since you can still use online services without going to the bank, the pandemic
outbreak is not essential for you in managing your finances. It does not affect how you usually handle financial mat-
ters because you manage your finances without a personal bank advisor. As a result, you know how to respond to
this situation regarding handling financial matters.

Ccl. | fsQCA

Calibration. In line with previous IS research (Mattke et al., 2021), we computed the mean of each construct and
used the direct calibration function to calculate the mean values to fuzzy set memberships (Ragin & Davey, 2016).

We used calibration anchors based on the seven-point Likert scale used rather than the data distribution to avoid
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TABLE C1 Screening questions.

Screening question Required answer
Are you familiar with banking chatbots? Yes
Examples of banking chatbots are Alexa from Amazon and No

Siri from Apple.

Does your bank offer a banking chatbot? Yes
Which of the following functionalities are typically not Provide information about a bank account or credit
provided by banking chatbots? card: No

Assist with financial transactions: No

Order food for delivery: Yes

Answer frequently asked questions about a bank
account or credit card: No

Send messages to friends and family: Yes

obscuring the meaningful data gathered by the Likert scale and bounding the calibration to a specific data set
(Mattke et al, 2022; Wagemann et al, 2016). Following best practice in configurational IS research (Park
et al.,, 2017), we used two of the seven-point Likert scale as calibration anchor for full-non-membership (“disagree™),
the mean value of four as the cross-over point (“neither disagree nor agree”), and the value six for full membership
(“agree”). We applied this calibration to the identified values, disruptive situation, and the WTI with chatbots. To
ensure that no observations were excluded from the fsQCA, we avoided fuzzy set memberships of 0.50 by sub-
tracting a small constant of 0.00001 (Fiss, 2011).

Analysis for necessary conditions. We performed the analysis for necessary conditions using fsQCA for WTI
with chatbots and no WTI with chatbots. To be defined as necessary, a condition must exceed a consistency thresh-
old of 0.90, a coverage threshold of 0.60, and a relevance of necessity threshold of 0.60 (Thomann et al., 2018). Con-
sistency describes the degree to which customers with the same condition share the same outcome (Ragin, 2008).
The coverage describes the degree of data covered by a condition, and the relevance of necessity explains how rele-
vant a condition is as a necessary condition. While a low relevance of necessity indicates that a condition is rather
trivial, a high relevance of necessity shows that a condition is highly relevant. By considering coverage and relevance
of necessity, we avoid trivial necessary conditions (type 1 error) (Ragin, 2006).

Analysis for sufficient configurations. We analysed WTI with chatbots and no WTI with chatbots for sufficient
configurations. We first created a truth table based on the seven conditions and the outcome. The truth table con-
sists of 2% logical possible configurations, with k representing the number of investigated conditions. Since we
analysed seven conditions, the truth table consisted of 128 possible configurations. We applied a frequency thresh-
old of three to reduce the truth table (Maggetti & Levi-Faur, 2013), which is consistent with previous IS research
(Maier et al., 2021). The reduced truth table includes about 80 percent of the initial observations (123 of 153 obser-
vations, see Table C4 in Appendix C), showing that it still includes a significant part of the observations after applying
the threshold (Mattke et al., 2022). We applied a raw consistency threshold of 0.85 (lannacci & Cornford, 2018),
which exceeds the minimum raw consistency threshold and improves the reliability of the results (Ragin, 2008). The
raw consistency threshold sets a minimum degree of how consistent configurations result in an investigated out-
come. To avoid solutions that represent a present and absent outcome simultaneously, we applied a proportional
reduction of inconsistency (PRI) threshold of 0.75 (J.-N. Lee et al., 2019), which is close to the chosen raw consis-
tency threshold and higher than 0.50 (Greckhamer et al., 2018; Mattke et al., 2022) (see Tables C4 and C5 in Appen-
dix C). We simplified the remaining truth table using the Quine McCluskey algorithm to create sufficient
configurations. This algorithm can create ‘don't care situations’, which means that a condition in a specific configura-
tion can be either present or absent, hence is not influencing the outcome in this configuration. The resulting solu-

tion is based solely on empirical data and reflects the complex solution (Pappas & Woodside, 2021).
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TABLE C2 Measurement items. gc
Construct Measure Loading §
E]
Disruptive situation The COVID-19 outbreak disrupted my ability to get financial matters done. 0.96 E
(adapted from The outbreak of COVID-19 caused me to stop and think about how to 0.77 %
Morgeson, 2005) handle financial matters. ;;;
The outbreak of COVID-19 altered my normal way of handling financial 0.97 ET
matters. §‘
Perceived empathy {CHATBOT} would usually understand my specific needs. 0.84 z
would usually give me individual attention. ! =7
(adaptledzgg;“) Cheng {CHATBOT} would usually gi individual i 0.85
etal, 5
{CHATBOT} would be available whenever it is convenient for me. n.s.* S
If | would require help, {CHATBOT} would do its best to help me. 0.81 5
Curiosity Using {CHATBOT} would excite my curiosity. 0.93 g
(adapted from Agarwal & Interacting with {CHATBOT} would make me curious. 0.90 g
Karahanna, 2000) E
Using {CHATBOT} would arouse my imagination. 0.89 g
Perceived personalization {CHATBOT} could understand my needs when responding to my requests. 0.85 ";
(adapted from Shao {CHATBOT} would be personalised. 0.88 E
etal, 2021) ) . X g
{CHATBOT} would provide me customised services. 0.89 £
Perceived benefit Using {CHATBOT} would be convenient. 0.79 E
(adapted from D. J. Kim | could save money by using {CHATBOT]}. 0.77 é
et al., 2009) g
| could save time by using {CHATBOT]}. 0.84 <
Using {CHATBOT} would enable me to accomplish a financial task more 0.86 i
quickly than using my traditional way of handling financial matters. E]
Using {CHATBOT} would increase my productivity in handling financial 0.86 §
matters (e.g., making transactions or finding financial information within g
the shortest time frame). 2
Perceived objectivity {CHATBOT/}'s view of the world would be realistic. 0.76 '
(adapted from Uhlmann & {CHATBOT} would be objective when making judgements and decisions. 0.79
Cohen, 2007) 2
{CHATBOT} would be even-handed when weighing evidence that is relevant ~ 0.81 g
to a decision.
{CHATBOT} would try to do what seems reasonable and logical. 0.78
{CHATBOT} would try to objectively consider all of the facts it has access to 0.74
when forming an opinion.
{CHATBOT}'s judgements would be based on a logical analysis of the facts. 0.72 %
{CHATBOT}'s decision-making would be rational and objective. 0.76 jg
Perceived {CHATBOT} would have intentions. 0.86 %
. 3
anthropomorphism {CHATBOT} would have free will. 0.95 z
(adapted from Li & A
Sung, 2021) {CHATBOT} would experience emotions. 0.94 %
{CHATBOT} would have consciousness. 0.92 :9
{CHATBOT} would have a mind of its own. 0.93 %
Willingness to interact | would be willing to spend my time with {CHATBOT}. 0.90 E
(adapted from I could imagine learning more about {CHATBOT}. 0.87 :
Samochowiec & g
Florack, 2010) If {CHATBOT} would seek contact with me, | would respond to that. 0.89 g
| would be interested in a dialogue with {CHATBOT]}. 0.91 g
Q
Note: Marked items (n.s.*) were dropped due to bad loadings, indicating non-significance. We measured all items with a S
seven-point Likert scale (1 = “Strongly disagree” to 7 = “Strongly agree”). g
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TABLE C4 Truth table for WTI with chatbots.

Raw

PE (olV) PP PB PO PA DS WTI Number consistency PRI

1 0 1 1 1 1 1 1 3 0.98 0.93
1 1 1 1 1 1 1 1 36 0.98 0.97
1 1 1 1 0 1 1 1 0.97 0.91
1 1 0 1 1 0 1 1 0.96 0.82
1 1 1 1 1 0 1 1 0.92 0.79
1 1 1 1 1 1 0 1 27 0.90 0.83
1 0 1 1 1 0 1 0 0.93 0.68
1 0 0 1 1 0 0 0 4 0.86 0.40
1 0 1 1 1 0 0 0 0.86 0.48
0 0 1 1 1 0 0 0 8 0.85 0.29
1 1 1 1 1 0 0 0 13 0.84 0.56
0 0 0 0 0 0 1 0 5 0.76 0.04

Relative Banzhaf 020 0.13 0.13 020 0.13 006 013 - - - -

index

Abbreviations: CU, curiosity; DS, disruptive situation; PA, perceived anthropomorphism; PB, perceived benefit; PE,
perceived empathy; PO, perceived objectivity; PP, perceived personalization; WTI, willingness to interact.

fsQCA uses counterfactual analysis to make use of rows without empirical observations. Drawing on theoretical
logic or substantive knowledge, ‘easy’ counterfactuals can be used to identify the intermediate solution (Park, Fiss, &
El Sawy, 2020). While we identified the relevant values for WTI with chatbots with the qualitative study (see
Table 4), TCV suggests that customers differ in how they evaluate and weigh the relevance of the values for their
behaviour (Sweeney & Soutar, 2001). Hence, neither the qualitative study nor TCV offers specific insights into how
the identified values work in configurations to result in WTI or no WTI with chatbots. To reflect this in the fsQCA,
we refrain from drawing on theoretical logic or substantive knowledge in the counterfactual analysis (Park, Fiss, & El
Sawy, 2020) so that the intermediate solution matches the complex solution.

By using ‘easy’ and ‘difficult’ counterfactuals, fsQCA identifies the parsimonious solution (see Figure C1) (Park,
Pavlou, & Saraf, 2020). Combining the intermediate and parsimonious solution allows us to identify core and periph-
eral conditions (Pappas & Woodside, 2021). Since the intermediate solution matches the complex solution in our
study, we essentially combine the complex solution with the parsimonious solution. The core conditions reflect the
conditions included in the parsimonious solution that have a strong causal relationship with the outcome. The
peripheral conditions reflect the conditions only included in the complex solution with a weaker causal relationship
with the outcome (Fiss, 2011).

C.2. | Validation

C.3. | Common method bias

We applied Harman's single-factor test to check for common method bias (CMB) (Podsakoff & Organ, 1986). It

showed that 39.02 percent of the variance of the data is explained with only one factor, which is below the
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A No WTI with chatbots
Disruptive situation [ ]
Emotional value |Perceived empathy ® ®
Epistemic value |Curiosity [ ®
Perceived personalization [24) X
Functional value |Perceived benefit ®
Perceived objectivity ® ® ® ®
Social value Perceived anthropomorphism [ ®
Raw coverage 0.70 | 0.57 | 0.54 | 049 | 049 | 0.54 | 048 | 0.57
Unique coverage 0.24 | 0.12 | 0.05 | 0.03 | 0.00 | 0.00 | 0.00 | 0.02
Consistency 0.90 | 092 0.88 | 0.90 | 0.94 | 0.92 | 0.91 | 0.89
Solution coverage 0.81 0.71
Solution consistency 0.87 0.82

FIGURE C1 Parsimonious solution for WTI and no WTI with chatbots.

TABLE C6 Validation of quantitative findings.

Category of
validity Validation
Design validity The Constructs are adapted from previous research (see Table C2 in Appendix C).
Sample sizes are sufficient.
The study is based on TCV (Sheth et al., 1991) to ensure internal validity.
The highly generalizable design ensures external validity.
Common method bias is not an issue (see Appendix C).
Measurement Content validity, indicator reliability, construct reliability, and discriminant validity are no issues.
validity The solutions are robust to adaptations in calibration anchors and frequency thresholds (Park, Fiss,
& El Sawy, 2020) (see Appendix C).
Inferential The solutions are reliable and robust due to high consistency and frequency thresholds (Schneider
validity & Wagemann, 2012).

Note: Design validity describes the extent to which a quantitative study has internal and external validity. Measurement
validity describes the extent to which an instrument accurately measures the intended construct according to its definition.
Inferential validity describes the extent of the appropriate use of a method to infer the results (Venkatesh et al., 2013).

threshold of 50 percent. We also examined the correlation matrix (see Table 7), showing that all correlations are
below the threshold of 0.90 (Pavlou et al., 2007). We followed the recommendation to include a theoretically
unrelated marker variable (“I like to read”) in the bivariate correlation matrix (Lindell & Whitney, 2001). The highest

correlation was 0.21, showing that CMB is not an issue.

C4. | Robustness tests

We tested the solutions for WTI and no WTI with chatbots for sensitivity to the sample (Maggetti & Levi-Faur, 2013;

Schneider & Wagemann, 2010). We increased the frequency threshold to four, so configurations with less than four
observations are dropped. After applying this frequency threshold, the revised truth table includes about 73 percent
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of the initial observations (112 of 153 observations), and the repeated analysis showed similar results. To test for
sensitivity to calibration, we changed the calibration anchors to the minimum value of one, the mean value of four,
and the maximum value of seven. The repeated analysis showed the same results. We also changed the raw consis-
tency threshold to 0.80 (Greckhamer et al., 2018), and the analysis, again, showed the same results, which underlines

the robustness of our results.
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